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IDI disclaimer:

Access to the data used in this study was provided by Stats NZ under conditions designed to give effect to
the security and confidentiality provisions of the Statistics Act 1975. The results presented in this study are
the work of the authors, not Stats NZ or individual data suppliers.

These results are not official statistics. They have been created for research purposes from the Integrated S
Data Infrastructure (IDI) which is carefully managed by Stats NZ. For more information about the IDI .\Q
please visit https://www.stats.govt.nz/integrated-data/

The results are based in part on tax data supplied by Inland Revenue to Stats NZ under the Tax %Q-
Administration Act 1994 for statistical purposes. Any discussion of data limitations or weaknesses is J'.Qh
context of using the IDI for statistical purposes, and is not related to the data's ability to support Infand
Revenue's core operational requirements.
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1 Executive summary

The purpose of this report is to provide information to the Ministry of Social Development (MSD) about
long-term trends in benefit and public housing dynamics, offering insight into how the benefit and public
housing systems are changing over time. O$

through, and out of the benefit and public housing systems, and their interactions across government
services. In this way, the Model estimates future service use for the population of New Zealand, based OQ/
past experience and future economic assumptions. A summary of the Model is set out in Appendix CQA
this report. There is also a separate full technical report describing the full workings of the Mode

This report uses the Social Outcomes Model (the Model) to provide a view of how people move into, 6\,

The Model is developed inside the Stats NZ Integrated Data Infrastructure (IDI). The IDI is a |
database which holds administrative data about people’s life events like education, incom
migration, justice, and health. The data comes from government agencies, Stats NZ sur@, and non-
government organisations, and is linked together and de-identified. Further inform&(ﬁl about the IDI can
be found on the Stats NZ website.

For this report, the Model takes data available up to 30 September 2022. In ir¥s~o, it builds on the
experience of people seen in the pre-COVID-19 period, as well as the peri ce the pandemic started.
The future economic assumptions used in the Model are those provi d% he Treasury in their 2022
Half Year Economic and Fiscal Update (HYEFU 2022). All assum ﬁgqs sed in the Model are set out in
the 2022 Social Outcomes Modelling Technical Report.

Through the findings outlined in this report, the Model sh e future outcomes we may expect to see, if

current policy and social settings remain unchanged a@nomie forecasts hold true.
A glossary of terms and acronyms are set out in A&@ A of this report.
ic

The outputs from the Model are not official statist

this report may not match to official figure ?\
1€e i;b

The rest of this summary is split into t& -sections:

, and due to the range of data used, the numbers in

= Core benefit and public housi%&stem results

= Focus areas: O
— Results by region Q/
\(g\people

— Results for di

— Future t@»&mploymem
= Key ques@s aised by the modelling results that warrant further investigation.

\(5/?“
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1.1 Core benefit and public housing system results

Forecast deterioration in labour market conditions will place pressure on the system

Treasury’s Half-Year Economic and Fiscal Update 2022 forecasts labour market conditions to deteriorate
through 2023 and 2024, with the unemployment rate forecast to reach a peak of 5.5% by mid-2024. %
Coupled with pre-pandemic trends (particularly decreasing rates of people exiting JS-WR and SPS), this \O

would result in significantly more people on benefit than pre-pandemic and place pressure on the system -

see Figure 1.1.
For example, the proportion of the working-age population on JS-WR is estimated to reach a peak of @/
in 2024, compared with 2.3% in 2017. &

Figure 1.1 — Actual and estimated proportion of 16-65-year-old population supported by mai@efits
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This has operational implic%r@nd consequences for clients:

= Increased pressure tline resources and increasing need for intensive/specialist services from an
increasing numbeT of clients. The modelling provides detailed demand estimates to support resource
planning.

er of clients with severely limited employment and earnings prospects. The
ovides detailed estimates of client mix as a signal of demand for specific services,
intensive/specialist services and coordinated cross-agency services.

I?%@ed pressure on the system partly reflects pre-pandemic trends leading to increased average
@5 ated future years on main benefit

average estimated future years on main benefit increasing across most main benefit categories — see Table
1.1. We show 2019 modelling results as a pre-pandemic baseline, given that 2020/21 was significantly
Q— impacted by the pandemic.

Q/ ecreasing exit rates, and to a lesser degree increasing re-entry rates, since early 2017 have resulted in

Ministry of Social Development TAYLOR FRY 6
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Table 1.1 — Average estimated future years on main benefit to age 65 by high-level benefit category

Avg. future years on main benefit

Segment
2019 2021 2022

Youth Benefit YP/YPP 16.4 20.8 24.0

Work Ready 10.5 11.7 13.0
Job Seeker HCD 11.0 11.8 12.3 QQ/

Main Benefits Sub Total 10.8 11.7 12.7 é

Sole Parent 12.5 15.5 17.0 ?‘
Support <Q

S Lo 12.3 12.7 12.7
PP g /

Supplementary benefits only 2.7 % 3.7
Recent Exits Benefit history within last year 5.5 &» 5.9 6.9

Benefit history within 1-5 years ? 3.1 3.6
Longer Exits No benefit history within last 5 years , .8 1.0 1.2
Sub Total X 10 1.2 1.4

Total R 2.8 RN

Comparing 2022 to 2019 shows significanrdg??esz
= 46% for YP/YPP clients, from 16. gag to 24.0 years

= 23% for JS-WR clients, from 1 Qa%s to 13.0 years. This is now higher than for JS-HCD clients.
= 11% for JS-HCD clients, fi OI‘Q.O years to 12.3 years

= 36% for SPS clients, .S years to 17.0 years

While some of the incf&e between 2021 and 2022 reflects a forecast deterioration in labour market
conditions, the k&/ sage is that clients are staying on benefit for longer independent of labour market

conditions. Q

COVID-1 ects on the benefit system have largely dissipated and system dynamics are now similar to
the pre-paridemic period

O@ 20 and 2021 the benefit system experienced significant change due to the labour market and
inahcial effects of the pandemic. In particular, an influx of JS-WR clients during 2020 changed the

Qnamic of the system, with many of these clients having relatively low barriers to employment aside from

the pandemic-related labour market effects. Through 2021 and 2022 many of these clients exited the
system to employment.

While main benefit client numbers remain higher than pre-pandemic levels, the rates at which people
enter and exit the system are now similar to 2019 levels. Figure 1.2 illustrates this. It shows the proportion
of people supported by JS-WR who exit main benefit each quarter.

Ministry of Social Development TAYLOR FRY 7
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Figure 1.2 — Quarterly exit rates - JS-WR
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The public housing system is increasingly rigid, with historically low mov ts in and out of the system
affecting access to public housing and increasing the length of time hou @- ds spend in public housing

Entry rates to the housing register have approximately doubled in t@o}t 10 years and exit rates from
public housing have nearly halved. This has caused a system botl k, with wait times on the register
increasing significantly (and consequently the number of ho @ds on the register) and average
estimates of future years in public housing continuing to i e.

This has placed stress on other housing supports, no
access to stable housing, with implications for peo

The proportion of households on the register bql? oused has fallen significantly and is projected to
remain low - see Figure 1.3. This will rem%% ase without:

ergency housing, and impacted households’
roader wellbeing outcomes.

pply

= Significant increases in public hou‘géj
d for public housing

= A significant reduction in the éﬁa
= Faster movement from pub@

Figure 1.3 - Proportion o@ﬁer households housed each quarter
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Note that the modelling can be used to develop detailed supply signals (at Territorial Local
Authority/Auckland Board level and by number of bedrooms) to help inform decisions about the location
and size of new public housing supply.

Table 1.2 shows average estimated future time in public housing for various segments. 2019 estimates are
shown as a pre-pandemic baseline, with increases evident across most segments. Particularly for %
households in public housing who have children. 0

The public housing system does not tend to change quickly. Reversing increased duration in public 6\'
housing would require significant change in system dynamics (e.g. the rate at which households exit pub Q-
housing into the private housing market) and/or underlying factors impacting demand (e.g. housing

<<&

Ave. future years in

affordability).

Table 1.2 — Average estimated future years in public housing by high-level housing category

Segment public housing
2019 2021 2022
Priority A \ 84 9.0 8.4
Priority Band Other % 9 6.4 6.1
Sub total O 8.0 8.7 8.3
A
Child in the househ N 18.1 20.7 20.7
Less close / IRRS > $150 o
. No child in the h old 16.0 17.7 17.2
IRRS recipients, S
) Child in the h@old 14.4 17.1 17.4
NI T IR Closer / IRRS <$150 o
No child jn {hhouschold 13.2 15.3 14.9
Vi
Sub total LN\ 16.8 19.2 18.9
S
I ) o e X L4
RRS recipients IRRS 65+ 9.8 10.5 9.9
primary aged >65 A
Y
’\Ecé iving AS 2.5 2.6 2.4
Rest of the % e1V1.nfg
lati ot receiving AS 0.4 0.4 0.4
opulation ~
ReR )" subtotal 0.5 0.6 0.6

Note that average estimates of future years in public housing have decreased for some IRRS recipient
segments betwe é?l and 2022. This is mainly because of updates to mortality assumptions which
increased mo@rates for older ages i.e. not because households are exiting into the private housing
market an er

The dec@e in average estimated future years in public housing between 2021 and 2022 for households

on t@egister reflects:

creasing wait times on the register (median days increased from 182 in September 2021 to 295 in
v September 2022), reducing the potential future time households can be in a public housing and
increasing the likelihood that households exit the register before being housed

0/ = Aslight shift in the mix of households on the register towards those not currently receiving AS. These
Q_ households tend to exit at a faster rate once placed in public housing.

1.2 Focus areas

This year, we have included reporting on three focus areas:

Ministry of Social Development TAYLOR FRY 9
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= Results by region
= Results for disabled people

=  Future time in employment.
1.2.1  Results by region Os

When we control for ethnicity, there is very little variation in average estimated future years on main Q'%

benefit by region AQ/

In Figure 1.4 we show average estimated future years on main benefits for JS-WR clients:

= By ethnicity for all clients — This clearly shows significant variation. Note that this figure sh %«
ethnicity on a total response basis — where a person identifies with more than one ethnic , they
are included in each ethnic group that they identify with.

= Byregion for Maori — This shows relatively little variation. This is the case for allgth@ities.

= By region for all clients (not standardised for ethnicity) - This clearly shows signijficant variation.
Regions with historically high unemployment are the highest (e.g. East Co nd regions with
historically low unemployment are the lowest (e.g. south island regio

= By region for all clients (standardised for ethnicity) - Most of the on disappears when we
standardise for ethnicity, and a relationship between historical }gnal unemployment rates is not
apparent.

Ministry of Social Development TAYLOR FRY 10
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Figure 1.4 — Average estimated future years on main benefits to age 65 - JS-WR clients

By ethnicity
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This is an important ion because:

= It somewhat d

20
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P%ne hypothesis that regional factors (particularly differences in regional labour

markets) ex% differences in the time people spend on main benefit

= Itsugge @at factors correlated with ethnicity (though not necessarily ethnicity itself) influence

durati benefit.

@tandlng these factors could have significant operational implications.

ﬁggf Results for disabled people

%&

Disabled people are one of the Ministry’s priority groups. As part of the modelling this year, we have
linked the current client population with the 2018 census and used disability-related questions to
determine a cohort of disabled people based on the Washington Group Short Set definition (see Section 6

for details). 56% of the current main benefit population answered these questions in the 2018 census. This
relatively low response rate introduces some extra uncertainty when interpreting the results below.

Ministry of Social Development
Social Outcomes Modelling - 2022 Results
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33% of SLP-HCD clients who answered the census said they have a disability

Figure 1.5 shows that among people who answered 2018 census disability questions, 4% of the working-
age population and 33% of the SLP-HCD population are disabled.

The eligibility criteria for SLP have some conceptual similarities to the disability definition we have used.
Hence, we might have expected a higher proportion of SLP-HCD clients to appear in our cohort of
disabled people. This warrants further investigation in case it has policy or operational implications.

Figure 1.5 Proportion of people answering the 2018 census disability questions who are disabled

Working-age population SLP-HCD population &A
4% - 90k Q

' 33%

21k

96%
2.18m

= Disabled ® Non-disabled QO E ® Disabled ® Non-disabled

Disabled people are significantly over- representecﬁr he benefit system

Figure 1.6 shows that over-representation %ﬂon across all main benefit categories, including work-
obligated categories. Including SLP che ‘ib ut 36% of disabled working-age people are on a main

benefit, compared to about 8% of no ed working-age people. About 17% of disabled working-age
people who aren’t on SLP-HCD a Q other main benefits (compared to about 6% of non-disabled
working-age people). O

Ministry of Social Development TAYLOR FRY
Social Outcomes Modelling - 2022 Results
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Figure 1.6 — Proportion of disabled and non-disabled working-age population receiving a main benefit
30%
25%
20%  Example (see Figure 1.5), 21K/ = 24%

15% 9\
Q.
\ A%

10%

5%
P L = — &
JS-WR JS-HCD SPS SLP-HCD SLP-Carers Q
/
H Disabled ™ Non-Disabled (’}
Disabled people also have moderately higher average estimates of future b it receipt and a higher

prevalence of risk characteristics

For example, on average, disabled JS-WR clients are estimated to spe XZ% of the next 10 years on main
benefit, compared to 55% for non-disabled JS-WR clients. §

1.3 Future time in employment QOQ-

Viewing modelling results through the lens of emﬂ.&en‘c is aligned to the ministry’s strategy and
operational focus

This year we have provided a reframing of. %s based on future time in employment! as an alternative to
future time on main benefit. A modelli&fo s on future time in employment has several advantages:

= TItisaligned with the Ministry’ e‘operational focus and intent to achieve sustainable employment
for groups that experience abour market outcomes

=  We model income and ildustry, which can be used to provide a more in-depth picture of off-benefit
pathways and provi itect link to material wellbeing

= Itislikely to be seg&s less stigmatising of beneficiaries
= Itcan provh@ uman capital lens including GDP, tax receipt and conceptual linkage to the Living

Standard@ ework.

Estimatb@ ;uture time in employment show significant disparities

Fi @.7 shows, by benefit category, the average estimated proportion of time spent in part-time and full-
%0 mployment over the next 10 years?. For example, SPS clients are estimated to spend, on average,
ut 15% of the next 10 years in full-time employment and 13% of the next 10 years in part-time

demployment (and hence 28% of the time in full- or part-time employment).

v
&

1 Part-time means earning the equivalent of between 20 and 40 hours per week at minimum wage and full-time
means more earning more than the equivalent of 40 hours per week at minimum wage.

2 The 10-year employment measures only consider clients aged under 55.

Ministry of Social Development TAYLOR FRY 13
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The results for SPS clients are heavily skewed by clients who are estimated to spend little or none of the
next 10 years in employment. For example, nearly 50% of SPS clients are estimated not to spend any time
in full-time employment, and only 11% are estimated to spend more than 50% in full-time employment.

In general, employment and earnings prospects for main benefit clients are limited, with implications for
long-term material wellbeing.

Figure 1.7 — Average estimated proportion of the next 10 years in employment

80%
70%
60%
50%
40%
30%
20%
-l nn
0% ||
JS-WR JS-HCD Supp only  Reeent éXit Exit 1-5years Exit more
ago than 5 years
W Full-time Part-time ago or never

A clear understanding of what limits SPS clients’ employmentand.earnings potential would be
operationally useful. The modelling helps with this as it allows-u’s to characterise clients with relatively
poor (or relatively good) employment and earnings prospects and quantify the impact these characteristics
have on our estimates of future employment.

Segmentation of clients based on estimates of fyture employment can be used as a basis for triaging clients
for further analysis, case management and/of paYployment assistance programmes

From an operational perspective, knowifig which clients are expected to have relatively poor employment
and earnings prospects, particularlyqvhen they first apply for a main benefit, is the first step to being able
to address their employment-related reeds.

As an illustration, we have developed a segmentation for YP and JS-WR clients under age 25 based on
estimated proportions of theqext 10 years in employment - see Table 1.3.

The segmentation use§'enly variables available in MSD data. Hence, it is operationally viable. The
segments highlighted in red (i.e. the ones with the poorest employment prospects) include about 7,200
clients who:

= Arefemale
= Have ihtergenerational benefit history
* _ ¥irst received a benefit during their teens.

Noté that sole parents are disproportionately female and this likely explains some of the differences
bétween females and males shown in Table 1.3.

Ministry of Social Development TAYLOR FRY 14
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Table 1.3 Segmentation — YP and JS-WR clients under age 25

%ofnext 10 years in employment

Cohort segmentation %cohort

Full-time Part or Full-time

Age >=20 First received benefit during teens
Intergenerational benefit history First received benefit aged >= 20
Age <20 %
Female Age >=20 ‘First received benefit during teens 41.3% O
No intergenerational benefit history ‘First received benefit aged >= 20 6.2% 36.7% 54.4% ‘ \
Age <20 5.4%)| 24.2% 42.7%
Age >=20 First received benefit during teens 18.5%] 23.4% 35.8% %
Intergenerational benefit history First received benefit aged >= 20 5.8% 34.3% 48.0% y \%
Male Age <20 10.6%) 24.6% 389% (N
Age >=20 First received benefit during teens 6.9%) 34.1% 48.5%.
No intergenerational benefit history First received benefit aged >=20
Age <20
Total

1.4 Key questions raised by the modelling results that warrf{t/@rther
investigation (/

In Table 1.4 we summarise other key questions raised throughout the report that potentially warrant
further investigation to inform policy and operational thinking.

Table 1.4 — Key questions raised by the modelling results ,<\,O
?‘ i Report
Questions Operational releva Q: reference
A~
Why did the rate of people Small changes in Qmsi)cion to SLP can have a Section 3.2.2
moving into SLP increase significant effi r time, given few people
sharply in 20227 exit SLP befo?&,a e 65. Hence, it is important to

monito r}Qe; to ascertain if they remain
elevatx nd if so, investigate why.

What factors correlated with @n we account for ethnicity, there is very Section 5.2
ethnicity are important Q tle variation in average estimated future years

influences on main benefit O on main benefit by region.

receipt? Understanding the factors correlated to

,Qz\ ethnicity that are important influences on main

benefit receipt will likely help inform policy and

Q— operational thinking.
How canr %lient

Understanding who is likely to need the most Section 5.3
segmen e used to help support, at the point of entry to the benefit
inform'which clients (at time of  system, can help with the efficient allocation of
b @t entry or later) need the frontline resources.
ta support?

?‘Why do a minority of SLP clients  Only 33% of SLP clients who answered 2018 Section 6.1
\g/ fit the definition of disabled used census disability questions fit the WGSS
in the census, given the potential definition of disabled. Understanding why may
overlap with SLP eligibility help provide a more nuanced view of SLP
criteria? clients’ barriers to employment and where there

are opportunities to support clients into work.
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Report
Questions Operational relevance reference
See previous question Section 6.1

How do SLP clients who do and
don’t fit the WGSS definition of
disabled differ, and does this
have any implications for how
they are managed?

Is the extent to which disabled
people are over-represented in
the benefit system reasonable,
including in work-obligated
benefit categories?

To what extent are disabilities
for clients receiving work-
obligated benefits acting as a
barrier to employment? Are
there specific interventions that
could address these barriers?

What limits SPS clients’
employment and earnings
potential?

What other factors reflect
barriers or enablers of

Based on the definition of disability used in this
report, one in six main benefit clients are
disabled. Disability and work capacity are often

related but are not synonymous. There might be

good opportunities to support some disabled
clients into employment.

Q

Q
o
Section 6.2 Q/Q-
A

K
Ks

/
Employment assistance programmes targete&i Section 6.2

clients with non-HCD benefits may not
accommodate or support disabled people ?\
adequately. Understanding their sp

disability may help inform target\
interventions.

Many SPS clients are esti%eg to spend little or
t

no time in employmerQue he next 10 years.
And what time the @ pend in employment is
more skewed tQ

other main b
understandi
inforn@‘:cy and operational thinking.

iefs or enablers of employment may be
ctors that the ministry can improve with

employment for segments witgtargeted policy and operational interventions.

poor employment prospects e
prior work history? \>\

-time employment than for
efit categories. Having a nuanced
of limiting factors is likely to help

Section 7.2

Section 7.3
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2 Introduction

2.1 Guide to this report

The report covers core modelling results and output from alternative modelling scenarios, in a structure
and format similar to last year’s report.

= Section 3 - System level results — Benefit system — We explore how the benefit system has changed and
how this impacts estimates of people’s future outcomes. We consider the experience of the system
through key gateways in, through and out of the system.

= Section 4 - Core modelling results — Public housing - We explore how the public housing system has
changed and how this impacts estimates of people’s future outcomes. We consider the experience of
the system through key gateways in, through and out of the system.

= Section 5 - Regional results — We explore modelling results for the Canterbury regidén. Equivalent
results can be sourced for any of the eleven MSD regions (and indeed any partigdlaf cohort of interest,
geographically defined or otherwise).

= Section 6 — Disabled clients - We use disability-related questions in the 2018 census to determine a
cohort of disabled clients and explore how their representation in the Benefit system and estimates of
future benefit receipt differ to non-disabled people.

= Section 7 - Future time in employment — Historically, the corg modelling results relating to the benefit
system have been framed around estimates of future time onbénefit. We explore results using an
alternative framing based on estimates of future time in.employment.

A range of appendices are also included for reference.

Status of this report

This is the final version of the report. It supersédes all prior versions.

2.2 The Social OutcomesAPedel

The Social Outcomes Model is amathematical model that estimates future outcomes. Key aspects of the
Model are:

= The population being tnodtlled - New Zealand (NZ) residents aged 16 or older, and people entering
this population ovet the next ten years.

= The future out€omes that are being modelled - including benefit receipt, public housing use, income,

justice activity, educational factors and health outcomes. Fiscal costs of some outcomes are also
modelled.

= Thetime horizon over which the future outcomes are being modelled - Every quarter for people’s
futureTlifetimes.

=1 \/ASsumptions — The Model is underpinned by a range of assumptions which are either implied by the
construction and parameterisation of mathematical equations, or explicitly made. The derivation of
the mathematical equations is informed by historical data. Explicit assumptions relate to variables that
the Model does not estimate but are built into model because they are important for estimating future
outcomes, e.g. the future unemployment rate as a measure of future labour market conditions.

For every NZ resident aged 16 or older, the Model estimates a range of outcomes for every quarter over
their full future lifetimes.

Further detail can be found in Appendix C. There is also a technical report covering the workings of the
Model.

Ministry of Social Development TAYLOR FRY 17
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Model purpose

The Model is designed to serve a number of purposes and use cases. It simulates people’s trajectories so we
can estimate what will happen to people under current policy settings and based on recent experience.
This can be used to:

Identify cohorts of people suited to targeted interventions O E

Test scenarios to assess the potential impact of proposed interventions to inform business cases and 6\'
budget bids Q-

Monitor the impact on people by comparing what happens to what was previously estimated AQ/

Monitor the benefit and public housing systems and quantify the long-term potential impac d\
changing experience Q

Quantify the long-term impact of significant policy changes Q-?~
Produce long-term financial forecasts. &,Q

Ministry of Social Development TAYLOR FRY 18
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3 System level results — Benefit System

Key points from this section

= Forecast deterioration in labour market conditions would place pressure on the system — Exit rates, Os
particularly from JS-WR, are estimated to decrease significantly through 2023/2024, in line with a \
forecast deterioration in labour market conditions. Entry rates are also estimated to increase.

= Increased pressure on the system partly reflects pre-pandemic trends leading to increased average %Q-
estimated future years on main benefit. Average estimated future years on main benefit has increﬂ%
significantly for youth benefits, JS and SPS. This mainly reflects increased allowance for pre-pandemic
experience in the modelling assumptions - exit rates decreased significantly between 2017

2019
= Some of the increase in average estimated future years on main benefit reflects a forec@rioration
in labour market conditions (as reflected by HYEFU 22). Q

= COVID-19 effects on the benefit system have largely dissipated and system dy iCs are now similar
to the pre-pandemic period. While main benefit client numbers remain highér than pre-pandemic
levels, entry rates into and exit rates out of the system have since reverted &k close to 2019 levels.

In this section, we analyse how the benefit system has changed over t ree years and what this
means for peoples’ long-term outcomes. &

We describe:

=  How the benefit system population has changed throu, 5 COVID-19 pandemic (“pandemic”) and
how key rates of transition (or “gateways”) in, throu@l d out of the benefit system have changed

= The impact on estimates of peoples’ future year, ain benefit.

While most of the pandemic effects have dissipateé,\estimates of future time on main benefit have
increased significantly from pre-pandemic e@};&es.
31 Changes in the mai fit population

Figure 3.1 shows the impact of @ndemie, and associated labour market effects, on the proportion of
the working-age populatior@ n benefit. The dashed lines are estimates derived from the modelling.

Ministry of Social Development TAYLOR FRY 19
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Figure 3.1 - Actual and estimated proportion of 16-65-year-old population receiving main benefits
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The proportion of the working-age population receiving JS-WR ’n?eased significantly from late 2019.
Also note that: é

= The proportion of people receiving JS-WR was incre@efore the pandemic. This mainly reflects
decreasing rates of JS-WR clients exiting main ber% see Section 3.2.1.

= JS-WR

= The proportion of the working-age populatioﬁ.&0 eiving JS-WR is estimated to increase to 3.8% over
the period to late 2024. This is about 0.7%%3 than the pandemic-related 2020 peak. The increase
reflects the HYEFU 2022 unemploymen?{ orecast which implies unemployment rising to 5.5% by
mid-2024 before dropping from late to an assumed long-term average of 4.3% by mid-2027.

= Note that since the modelling hagbgn completed, BEFU 2023 has been released. This has a slightly
different unemployment rate ast that would not materially change the modelling results.

= The proportion of the w rk@age population receiving SPS is also estimated to increase to a peak of
2.4% by late 2024. Thi reflects the HYEFU 2022 unemployment rate forecast and a broader trend
of lower exit rates PS.

= Theincrease i@f proportion of the working-age population receiving JS-HCD from late 2019 is
partly due t@ JS-HCD benefit grants and partly a flow-on effect of more JS-WR clients, some of
which su@ ently transfer to JS-HCD. The proportion is estimated to remain broadly stable over the
next1 S

= Theproportion of the working-age population receiving SPS increased in late 2021. This reflects about
&0 clients who were reclassified from JS-WR to SPS due to the removal of the Subsequent Child
licy.

@e forecast deterioration in labour market conditions would place pressure on the system. This has
operational implications and consequences for clients:

0’ = Increased pressure on frontline resources and increasing need for intensive/specialist services from an
Q— increasing number of long-duration clients. The modelling provides detailed demand forecasting to
support local resource planning.

= Increasing number of clients with severely limited employment and earnings prospects. The
modelling provides detailed estimates of client mix as a signal of demand for specific services,
including intensive/specialist services and coordinated cross-agency services.

Ministry of Social Development TAYLOR FRY 20
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3.2 Movements in, through and out of the benefit system

To describe how rates of movement in, through and out of the benefit system have changed, we focus on
five key system gateways. Collectively these gateways explain most of the change to the benefit system
over the last few years and the impact this has on our estimates of peoples’ long-term outcomes. The five
gateways are:

= Jobseeker Support and Sole Parent Support
— New clients receiving Jobseeker Support
— Jobseeker Support clients exiting from main benefit
— Sole Parent Support clients exiting from main benefit.
= Health Condition and Disability benefits
— JS-WR clients moving to JS-HCD and JS-HCD clients moving to JS-WR
— Clients moving to Supported Living Payment from other main benefit categdriés.

We express the gateways as rates. While counts are also useful to consider, rates centrol for the size of the
relevant population to give a clearer sense of relative change. For example, as th¢ number of JS-WR clients
increased during the first year of the pandemic, the count of exits also incr€ased. However, the rate of exit
(count of exits divided by number of JS-WR clients) actually decreased,

We show rates for historical data for the last 10 years (solid lines) ahdhestimates from the modelling for the
next 10 years (dashed lines). Rates have been seasonally adjusted, In general (but not exclusively), assumed
long-term future rates have been set at levels consistent with.the period preceding the pandemic (i.e. 2017
- 2019). Variation in the near future typically reflects antieipatéd changes to population characteristics
and/or the assumed rate of unemployment.

COVID-19 effects

The economic impacts of COVID-19 had largewisible effects on the five benefit gateways from early 2020
onwards, reflecting quickly changing labeutmarket conditions. While these are interesting effects, most
have now dissipated. Hence, we focus eus.commentary more on the trends evident before the pandemic
and experience over 2022. In most caseés; rates have reverted close to pre-pandemic levels. Where
appropriate, near-term residualpafidemic effects have been built into the modelling assumptions.

3.2.1  Jobseeker Suppdfzand Sole Parent Support

New clients receivimg Jobseeker Support

Jobseeker Support is by far the most common entry point into receiving main benefits. 60%-80% of main
benefit grants\ace for Jobseeker Support, varying with the time of year. Hence, the rate at which the
working-age population enters this benefit category, and whether they are returning clients, is an
importantseasure for the benefit system as a whole. A small, sustained movement in the rate can make a
big difference to the size of the main benefit population, because the underlying working-age population is
large/(circa 3.3 million people) e.g. 1% equals about 33,000 people.

Figures 3.2 shows the rates at which people from the general population enter JS-WR and JS-HCD for:
= Those who exited the benefit system in the last 12 months i.e. recent exits

= The wider working-age population, including people who have never received a benefit in the past.
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Figures 3.2 - Quarterly entry rates to JS-WR and JS-HCD

Entry rate to JS-WR - from those who exited the Entry rate to JS-WR - from the
system in the last 12 months wider working-age population

10% 1.5% 8% <::>s
8% Lov 6% Cj\'
0%
6% W v"\~-¢---- ‘ 49 %
N
0.5%
2% Pk T X X X ¥

0% o = 0w\ > oy — 0w ooy 0.0% <§: 0%
S = 2 =2 = 2 ad A A& o 222222393838
SRS8R’s88888% SSR88:8=3=< &
e=——=Fntryrate Unemployment rate ====Entry rate (LHS) U%p@nent rate (RHS)

Entry rate to JS-HCD - from those who exited the Entry rate to ]&gﬁ - from the

system in the last 12 months wider working*age population

3% 0.3% ,&'\Q
20, e 0.3% v
Vbovrmosa 0.2
2% ' Q.
1(22’ 1 " N memmoaw

1%

s 1%
1% N 0%
0% ?}/ 0.0%

(=
()]

27

3
2009
2011
2013
2015
2017
2019
2021
2023
2025
2027
2029
2031

2009
2011
2013
2015
2017
2019
2021
2023
2025

<

Entry rates to JS-WR are estim:ﬁw increase over 2023/2024, reflecting the HYEFU unemployment rate
forecast. While these changes 1 mall in percentage terms, the underlying populations they apply to are
large. Hence, they are mat @stimated changes. The increase in estimated entry rates to JS-WR from
those who exited the szliﬁjéNn the last 12 months, also reflects a long-term increasing trend.

C

The entry rates to JS:HCD also show significant pandemic factors, with reduced rates over 2020 and 2021.
In 2022, entry r Creased and are estimated to revert back to pre-pandemic levels through 2023 and
beyond.

Clients g@ ¢ from main benefits

While éxits from main benefit do not necessarily indicate increased material wellbeing, they represent a
ree of financial independence, noting that many exiting clients continue to receive supplementary
%—wﬁts. Exit rates from work-obligated main benefit categories (i.e. JS-WR and some SPS clients) are a
measure of clients achieving some degree of financial independence.

0/ Figures 3.3 shows quarterly exit rates for JS-WR, JS-HCD and SPS.
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Figures 3.3 - Quarterly exit rates from main benefit for JS and SPS clients
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Exit rates decreased significantly for tbigjbree key benefit categories in the period from mid-2017 to
late-2019 i.e. pre-pandemic. Overt iod:
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= JS-WR exit rates decreased 17.1% a quarter to 12.8%
= JS-HCD exit rates decre@d from 7.5% to 5.9%.
= SPS exit rates decgﬁ rom 6.6% to 4.6%

By late 2022, JS-WRand JS-HCD exit rates had reverted to close to 2019 levels. These movements require
careful interpre

= Theinfl JS-WR clients during 2020 changed the dynamic of the system, with many of these
clien ving relatively low barriers to employment aside from the pandemic-related labour market
effects? Through 2021 and 2022, many of these clients exited to employment, temporarily increasing
exit rate. The Model looks through this effect and estimates exit rates to decrease through 2023
d 2024, as the unemployment rate is forecast to increase. As the unemployment rate is forecast to
% decrease beyond 2024, exit rates are estimated to increase again before levelling off at a rate close to

Q/ pre-pandemic levels.

The medical recertification process for JS-HCD clients was put on hold during the pandemic and re-
introduced in early 2022. This appears to have resulted in a rebound in exit rates above pre-pandemic
levels. This is likely to be a temporary effect, with rates estimated to decrease to close to late-2019

levels.
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SPS exit rates have also rebounded from pandemic-lows to close to 2019 levels (circa 4% per quarter).
Rates are estimated to decrease to a low of about 2.9% through 2023 and 2024 due to the forecast high
unemployment rate, before moving towards 4% by 2026.

JS-WR and SPS exit rates are sensitive to labour market conditions. Hence, over 2023 and 2024 they will
depend significantly on the extent to which these conditions deteriorate. S

3.2.2  Moving to high-duration benefits \

Movement from JS-WR to JS-HCD, and transition from any benefit to SLP reflects a reduced likelihood Qg'
that someone will be able to exit main benefits in the near future. These transitions stem from a client’
health condition or disability status and at a system level are a reasonable measure of worsening &

circumstances for clients. Q
Figures 3.4 shows the following quarterly transition rates: Q ?‘
=  The rates at which JS-WR clients transition to and from JS-HCD Q

V4

= The rate at which JS-WR, JS-HCD and SPS clients combined transition to SLPC/
Figures 3.4 — Quarterly transition rates to high-duration benefits ?\
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These transition rates show no discernible trend in the pre-pandemic period. However, rates dropped
significantly during the first year of the pandemic:

= This partly reflects lockdowns and people’s reduced capacity to consult with medical practitioners and
obtain medical certificates.
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= Medical re-certification requirements for JS-HCD and SLP clients were suspended for a period of time.
This is evident in the right-hand side chart of Figures 3.4, where the transition rate from JS-HCD to JS-
WR decreases from about 4% in 2019 to 1% in mid-2020. With the reinstatement of medical re-
certification requirements in early 2022, there was a catch-up effect, with rates estimated to soon
revert back to pre-pandemic levels.

Transition rates to SLP exhibit a sharp increase in 2022. This may be due to the reinstatement of medical
certification requirements. Given that this increase only represents two data points, we have not built it
into our modelling assumptions. However, it should be monitored carefully, as a long-term change to 2022
levels would have quite a significant impact on system dynamics and outcomes for people.

3.3 Future time receiving main benefits

The modelling produces estimates of people’s use of benefits over their future lifetimes. Each year we
recalibrate the Model to:

= Update the modelling population to the modelling date (30 September 2022)
= Update assumptions:

— Economic assumptions underpinning the modelling e.g. inflation, wage growth and rental growth.
These assumptions are typically taken from central estimates.

— Model assumptions determining the rates at which people afe estimated to move into, through,
and out of the benefit system, including the five key benefit,gateways.

— Model assumptions determining estimates of other so¢ial outcomes e.g. public housing use,
income, and mental health service use.

The updates to the Model assumptions are informed bydbserved experience, such as that illustrated in
Section 3.2. Ordinarily, more weight is given to morefecent experience. However, most of the COVID-19
related effects on the system appear to have been temporary and generally speaking we have not carried
forward experience from 2020 and 2021 intogthéufiodelling assumptions. That said, some COVID-19
related effects appear to be persisting. Her{ee,\we have made assumptions about how these effects will last.
More detail can be found in the technigalreport?.

Table 3.1 shows estimates of average future years on main benefit by high-level benefit segments,
including segments for people not\currently receiving a main benefit. For clarity:

= NOMB - refers to peoplevho are not receiving a main benefit, but are receiving a supplementary
benefite.g. AS

= Recent exits — refers to people who are not receiving any benefit, but have done in the year prior to 30
September

=  Longer eXits)}- refers to people who are not receiving any benefit and didn’t in the year prior to 30
Septerfiber.

We show'ldst year’s modelling results for comparison, plus 2019 modelling results as a pre-COVID-19
baseéline.

Jrisimportant to note that the characteristics of the benefit system population have changed significantly
through the period since the start of 2020. Particularly for work-obligated benefit categories such as JS-
WR. In particular:

= Through 2020 there was an influx of new clients as the pandemic materially impacted certain
industries e.g. tourism. Many of these clients were expected to move back into employment relatively
quickly and so the influx served to reduce average estimated future years on main benefit i.e. average

* Social Outcomes Modelling 2022 - Technical Report
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estimated future years on main benefit in 2020 would have been much higher were it not for the influx
of new clients.

= The opposite effect has occurred through 2021 and 2022 as many of the clients who entered the system
in 2020 exited, serving to increase average estimated future years on main benefit.

We discuss year-on-year change between 2021 and 2022 results in Section 3.4. Though in general, we
think it is best to compare 2022 results to the 2019 pre-pandemic baseline.

Table 3.1 - Average estimated future years on main benefit to age 65 by high-level benefit category Q9

Counts Avg. future years on main benefit

Segment
2021 2022 2019 2021 2022

Youth Benefit YP/YPP 2,061 2,136 2,031 16.4 ng 24.0
Yo
Ad
VN .
Work Ready 87,420 121,938 113,346 10.5 \) 11.7 13.0
Job Seeker HCD 68,307 84,693 76,467 “X /7 11.8 12.3
ARESn Sub Total 155,727 206,631 189,813 A08N 11.7 12.7
N\

Sole Parent Y\

Support 61,515 73,737 74,916 \ 12.5 15.5 17.0
=\
.\
upported Living J75 ,517 . 7 T
S ivi 100,758 101,51 M’ 12.3 12 12
ALY
Supplementary benefits only 107,853 123,528? ; 123,867 2.7 3.4 3.7
D
Benefit history within last year 97,743 (PW 128,784 5.5 5.9 6.9
- N —

Benefit history within 1-5 years 229,77 N\, 193,368 221,502 2.7 3.1 3.6
Longer Exits No benefit history within last 5 years 2,400 2,430,813 2,476,203 0.8 1.0 1.2
Sub Total 2‘630,18Y 2,624,181 2,697,705 1.0 1.2 1.4

3,155,841 3,276,771

Table 3.1 shows some significant changéﬁcgj';i estimated average future years on main benefit between the

g:

= Youth benefits increasing years (or 46%) to 24.0 years

2019 and 2022 modelling rounds, i Q

= SPSincreasing by 4.5 s,(or 36%) to 17.0 years
= JS-WRincreasing years (or 23%) to 13.0 years
= Recent exits in@asing by 1.4 years (or 24%) to 6.9 years.

Most of the c reflect the changes in experience discussed in Section 3.2, which have been factored
into the m g assumptions. Particularly:

" Dec@ed assumption for JS-WR exit rates
] reased assumption for SPS exit rates.

ncreasing prevalence of use of mental health-related supports is also important, as experience tells us

Qyi at people accessing these supports exit the benefit system at lower rates than other people. The mental

NG
&

health sub-models of the Model were refit this year and this has served to increase average estimated
future years on main benefit moderately - see Section 3.4.

In practical terms, this means people are estimated to spend more of their future lifetimes to age 65
receiving main benefit financial support.
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3.3.1 Distribution of estimated future outcomes

Figure 3.5 shows the same modelling results as Table 3.1 in graphical form, with parameters that describe
the distributional spread of estimated future years on main benefit.

ranges. If all people in each cohort were lined up in order of their estimated future years on main benefits,

the interquartile range represents the quarter and three-quarter points on that line. The median is the \
half-way point and marked somewhere along each black line e.g. for JS-WR clients the 2022 estimates %
show an interquartile range from 3.25 years to 20.25 years. Another way to express this is that the Mode Q-
estimates that 25% of JS-WR clients will spend less than 3.25 future years on main benefit and 25% WQ

spend more than 20.25 future years on main benefit over their working lifetime.

The bars represent mean averages consistent with Table 3.1. The black lines represent the interquartile s

This gives us useful information about the distribution of estimated outcomes within each cate&y.
Note some points of interpretation about the interquartile ranges:

= Inevery case other than for YP/YPP, the median average is lower than the mean ave@e. This
highlights that in most categories there is a concentration of people with very h&g&future estimated
years on main benefit.

= For some categories, parts of the interquartile range are not visible e.g. it;iyr ago. This is because
over 25% of people in these categories have 0 estimated future years in benefit. Hence, the
starting point of the interquartile range is 0.

Figure 3.5 — Average future years on main benefit to age 65 by hig@el benefit category
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Acr enefit categories with some or all clients having work obligations (YP/YPP, JS-WR and SPS), there
h en material increases in estimated average future time on main benefit, as represented by the
@ ement in the interquartile ranges.

For example, the average estimated future years on main benefit for YP/YPP has increased from 16.4 years
in 2019 to 24.0 years in 2022. Furthermore, 25% of YP/YPP clients are estimated to spend more than 38.25
future years on main benefit, compared to 25.75 years in the 2019 modelling round. Similarly, amongst SPS
clients, 25% are estimated to spend more than 25.5 future years on main benefit, compared to 19 years in
the 2019 modelling round.
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3.4  Analysis of change

This section describes core modelling results and how they have changed since the 2021 modelling round.
We summarise the key points in Section 3.4.1 and describe the detail of this analysis in Section 3.4.2.

3.4.1  Analysis of change — summary of key points

= The total estimated future years on main benefits for people receiving a benefit (or who have in the
prior 12 months) has increased by 4.0% from 6.18 million years in 2021 to 6.43 million years in 2022.
This follows a 5.2% increase between 2020 and 2021 modelling rounds. There were three key factog$
driving the increase this year:

— Areduction in the number of clients over the year to 30 September 2022 (mainly JS-WRZlients),
resulting in a decrease in total estimated future years on main benefit of 0.19 million jears

— A deteriorating economic forecast (HYEFU 22 vs. HYEFU 21), resulting in an ingreadse of 0.26
million years

— Increased allowance for lower rates of exit from JS-WR and SPS, and incréased allowance for use
of mental health-related supports in our modelling assumptions, resulfingin an increase of 0.18
million years.

=  Average estimated future years on main benefit has increased for YR/YPP, JS-WR, JS-HCD and SPS for
similar reasons. For example, average estimated future years onndin benefit for JS-WR increased by
1.3 years from 11.7 years in 2021 to 13.0 years in 2022. The detesiotating economic forecast accounts
for 0.5 years of the increase, with most of the rest due to increased allowance for lower rates of exit
and use of mental health-related supports in our modellihg*assumptions.

= The effect of the deteriorating economic forecast is‘greatest on youth benefit clients. This is because
youth tend to be disproportionately impacted by adwerse labour market conditions.

3.4.2  Analysis of change - detail
Changes in modelling results over time gan‘stem from a range of factors including:

= Changes to the population being/nodelled — As time passes, the population naturally changes. This
can have a significant effect o modelling results, as it did through the pandemic.

= Updates to model assumptions - These might be assumptions for factors external to the benefit system
(such as the unemployihént rate), or assumptions reflecting the behaviour of people and their
interactions with varigus government services. Changes to the population being modelled and updates
to model assumptions are often related e.g. the behaviour of people (which informs model
assumptions) influences the size and mix of characteristics of the benefit system population.

= Modellingmethodology changes — Sometimes changes are made to the modelling methodology e.g. to
accommodite new outcomes to be estimated. Typically, these have little impact at total population
level, but they can have significant impacts at cohort level. This year there have been no material
medelling methodology changes.

Understanding the contributions of these factors to changes in modelling results helps us understand the
€xtent to which:

= Change was expected or unexpected — Some year-on-year change is expected, particularly given
expected changes in labour market conditions (as represented by the unemployment rate forecast
used).

= Change relates to factors that MSD can or can’t influence - For example, MSD has limited influence
over labour market conditions, but may be able to influence peoples’ employment prospects.

In this section, we show an analysis of change, to break the change in modelling results down into these
factors.
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The analysis of change can be performed for any cohort of people, for any outcome estimated by the Model
and over any future time horizon. We show six sets of analysis:

Table 3.2 — Sets of analysis of change

Set Population Outcome Time horizon %
1 All people receiving a benefit at 30 Total future years receiving  Future lifetime '\,O
September or who have in the prior 12 a main benefit to age 65
months Qg-
2 People receiving YP/YPP at 30 Average future years Future lifetimé
September receiving a main benefit to age 6
3 People receiving JS-WR at 30 September Average future years Futu &etlme
receiving a main benefit to
4 People receiving JS-HCD at 30 Average future years ure lifetime
. . . /
September receiving a main benefit & to age 65
5 People receiving SPS at 30 September Average future years Future lifetime
receiving a main b§ﬁ; to age 65
6 People receiving SLP at 30 September Average fu Future lifetime

ture
receiving a prdin-benefit

Set1is a system-level view framed around an ‘at-risk’ populat @&nltlon It is analogous to the way

to age 65

analysis of change was reported in 2017 and prior.
Sets 2 to 6 cover each main benefit category. Sets 4 to 6 ared in Appendix B.

Figure 3.6 to Figure 3.8 show the analysis of chang@hese sets in a consistent format. These ‘waterfall’
charts show the 2021 and 2022 results at either e grey and the contributions to the change from
different factors (increases in blue and decreases reen) Table 3.3 describes what each of these factors
of change mean and whether they represent @ted or unexpected changes.

Table 3.3 — Description of analysis of c%gé stages
A

Stage of analysis Comn}engr

Expected or
unexpected change

1. 2021 result ,hz?;é{modelhng results as at 30 September 2021, based N/A
e population and modelling assumptions set at that

Q.pomt i.e. the results disclosed in last year’s report.

Stage 1 results, restated to replace economic assumptions
for the period from 30 September 2021 to 30 September
2022 with actual economic outcomes e.g. unemployment
rate, inflation rate.

Unexpected

2. gj%%?
&

The difference between stage 1 and 2 shows the impact on
results from using actual economic inputs for the year to 30
September 2022 compared to using what we assumed for the

2021 results.
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Stage of analysis

Commentary

Expected or
unexpected change

3. Roll forward

4. Update client
cohort

5. Update future
economics

6. Recognition
of experience

7. 2022 result

The roll forward stage uses the stage 2 results to show
what we expected the results to be as at 30 September 2022
based on the 2021 model and 30 September 2021
population (and actual economics over the year to 30
September 2022). It incorporates:

= Expected changes to the client cohort (entries, exits,
transfers etc)

= Expected outcomes over the year to 30 September
2022

= Other expected changes with respect to people’s
circumstances e.g. ageing

= Change implied by the Model from actual economics
over the year to 30 September 2022.

The difference between stage 2 and 3 shows how we expected
the results to change from moving ahead in time by,oue year
to 30 September 2022.

Stage 3 results with the actual populatiog.asat 30
September 2022.

The difference between stage 3 and/stage 4 shows the impact
on results from the difference betveen the actual population
as at 30 September 2022 andwhat we expected the
population to be. The diffexence in population reflects how
experience over the year\differed to that represented by the
2021 modelling assymptions (allowing for actual economic
conditions duripg theJear).

Stage 4 regliltSswith updated economic assumptions for the
periodfrom30 September 2022.

The différence between stage 4 and stage 5 shows the impact
of‘updating economic assumptions for the period from 30
September 2022

Stage 5 results with updated modelling assumptions (entry
rates, exit rates etc).

The difference between stage 5 and stage 6 shows the impact
from adjusting modelling assumptions to reflect how an
additional year of data informs our view of the future

No changes from stage 6.

Expected

Unexpected

Unexpected

Unexpected

N/A

Set 1 — All people receiving a benefit at 30 September 2022 or who have done in the prior 12 months

Set 1 defines a population of people receiving a benefit or who are close to the benefit system. Where
‘close’ is defined as people who are not currently receiving a benefit but have done at some point in the
year prior. It reconciles the total estimated future years on main benefit for this population from the 2021
and 2022 modelling results. This gives a high-level view of system change, incorporating:

Ministry of Social Development
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= Whether the number of people receiving a benefit or who are close to the benefit system has increased
or decreased over the year

= The extent to which people receiving a benefit or who are close to the benefit system are estimated to

spend more or less time on benefit in the future.

We have noted the count of people in the population and the estimated average future time on main %
benefit at each modelling date. This allows us to see how much of the increase in total years related to an \()
increase in people and how much relates to an increase in average future time on main benefit.

Figure 3.6 - 2021/2022 analysis of change - Set 1 - Total estimated future years on main benefit to age E
All people receiving a benefit at 30 September or who have done in the prior 12 months

6,600

6,400

6,200

6,000

5,800

Total Future Years on Main Benefit (thousands of years)

5,600

The key steps o
= Rollfor
from

Decreasing exit rates from main
benefit and changes to mental health ——»
service use assumptions

+1k

The 2021 model
anticipated a reducgjo

in the number

and this largqy
transpir% imated

X

alysis to highlight are:

,\/S

b\

Forecast worsening in
labour market
conditions through
2023/24

%/ctual Roll forward Update client  Update Recognition 2022 result
%bonomics

cohort economics of
experience

18,000 years - Client numbers, particularly for JS-WR, were anticipated to fall further
2020 highs

ificantly through 2023/24, limiting clients’ employment prospects. The HYEFU 22 forecast is for

'&ﬁla economics +260,000 years - HYEFU 22 forecasts the unemployment rate to increase
i

% gnificantly higher unemployment than implied by the HYEFU 21 forecast (which underpins the 2021

results).

= Recognition of experience +178,000 years — This step reflects the long-term effect of accommodating
experience into the modelling assumptions. It reflects:

— Increased allowance for lower rates of exit from JS-WR and SPS

— Updates to the models that determine estimates for future use of mental health-related supports
based on recent experience. Generally speaking, and all else being equal, clients accessing mental
health-related supports tend to have greater ongoing need for main benefit support.

Ministry of Social Development
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In summary, there are fewer people receiving a benefit or close to the benefit system. However, the effect
of this on total future years on main benefit is more than cancelled out by the increase in average estimated

future years on main benefit.

Set 2 - People receiving YP/YPP at 30 September
We show the analysis of change for YP/YPP clients in Figure 3.7.
This analysis considers average rather than total future years.

The key steps of the analysis to highlight are:

= Roll forward and Update client cohort +0.8 years — The YP/YPP is a relatively small cohort of K:Bg

Hence, the ‘Roll forward’ and ‘Update client cohort’ steps can be
better to think of these two steps in combination i.e. an increase
increasing main benefit duration among this client group which
benefit receipt.

volatile in size and direction’ Itis
of 0.8 years. This partly %‘cs
a

is key predictor for fu@ in

=  Update economics +1.4 years — The impact of the forecast increase in unemplo et rate (‘Update

economics’ step) is larger than for other main benefit categories.

This is becatise youth tend to be

disproportionately impacted by adverse labour market conditions and sustaifted periods of
unemployment during younger years tends to impact future employ rospects significantly.

= Recognition of experience +1.0 years — As for Set 1, this reflects i

for lower rates of exit from JS-WR and SPS, and updates to the d&

related supports.

m%IQd allowance in the modelling

delling of use of mental health-

Figure 3.7 - 2021/2022 analysis of change - Set 2 - Averaga@ted future years on main benefit to age

65 - YP/YPP clients at 30 September
25 $<<

24
23

22

Average Future Years on Main Benefit

18
2021result  Useactual Roll forward Update client Update Recognition 2022 result
economics cohort economics of
experience
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Set 3 — People receiving JS-WR at 30 September
We show the analysis of change for JS-WR clients in Figure 3.8.

The analysis shows a similar picture to that for YP/YPP clients, with the overall increase in average

estimated future years on main benefit largely driven by the forecast deterioration in labour market

conditions, and updates to modelling assumptions to reflect lower rates of exit from JS-WR and SPS, and %
updates to the modelling of use of mental health-related supports. O

Similar analyses for JS-HCD, SPS and SLP clients (sets 4, 5 and 6) are shown in Appendix B. These show %
similar pictures for JS-HCD and SPS as for JS-WR. Change in average estimated future years on main Q/Q
benefit for SLP clients is far less significant, reflecting the nature of SLP clients’ financial support neeQ

and the relatively little impact labour market conditions have on these. &
Figure 3.8 - 2021/2022 analysis of change — Set 3 — Average estimated future years on main bét to age
65 - JS-WR clients at 30 September Q_
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< Core modelling results — Public housing

Key points from this section

= The public housing system is increasingly rigid, with historically low movements in and out of the Os
system, affecting access to public housing and increasing the length of time households spend in

public housing. 6\'
= Compared to 2019, average estimated future years in public housing has increased for people in pu 2
housing, reflecting prior years’ decreases in rates of moving out of public housing. The average f
households on the register is largely unchanged because increasing wait times on the registe;&luce
the potential future time households can be in a public house.

= Forecast increases to public housing supply (over 5,000 net new public houses over 2 ) will help
alleviate some pressure on the system. However, any impact on the register size anc@l times is
unlikely to persist unless one or a combination of the following occur: /’

— Public housing supply continues to increase materially beyond 2024 (/

— Entry rates to the housing register decrease materially s
— Exit rates from public housing increase materially. O

A

4
In this section, we analyse how the public housing system has cha@over the last three years and what

this means for peoples’ long-term outcomes.

We describe: QQ-

=  How the population of people in public housing @ e register has changed through the COVID-19
pandemic (“pandemic”) and how key rates of ]éﬂon (or “gateways”) in, through and out of the
public housing have changed

= The impact of change on peoples’ long-t utcomes

= How estimates of peoples’ long—te@omes vary for different population cohorts.

4.1 Movements in, gh and out of the public housing system
The public housing syste presented in Figure 4.1.

Figure 4.1 - Public hoéug system

%2 Transfer applications

Popu’h}on Applications Register Tenancies
[ ] s @ o
New Assessment of: Placements Exits
e 2& %  applications |. Affordability
II' ’HI* e Adequacy
Q/? N N‘F w” +  Suitability

L L *  Sustainability

Mlll ?’H’I* e Accessibility

N Also location pref, Other

?w# 'II” number bedrooms Exits
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To describe how rates of movement in, through and out of the system have changed, we focus on five key
system gateways. Collectively these gateways explain most of the change to the public housing system over
the last few years and the impact this has on our estimates of peoples’ long-term outcomes. The five
gateways are:

= New households on the public housing register %
= New clients receiving AS /\Q
= Households housed from the register %
= Tenants exiting public housing — Under 65s AQ/Q-
= Tenants exiting public housing - Over 65s. &
L

We express the gateways as rates. If sustained, a change in rates can have significant long-ter
implications. The slow-moving nature of the system means that the effect of small change@&icumulate
significantly over long periods.

We show rates for historical data for the last 10 years (solid lines) and estimates fropQI(e modelling for the
next 10 years (dashed lines). (J

?\

4.1.1  Entry to the public housing system %

Public housing and AS are the two primary forms of housing support.@e, the rate at which households
move onto the register and the rate at which people take up AS re pég the primary entry points into the
housing support continuum, noting that people can be on the r &7 and receiving AS.

Figure 4.2 shows entry rates from the whole population to: Q_
= The public housing register QO
= Receiving Accommodation Supplement. %

Figure 4.2 - Quarterly entry rates to the registwd AS
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has nearly doubled. This upwards trend seems to have levelled off over the pandemic period, though there

Q;&e left-hand chart shows the steady increase in the entry rate to the housing register since 2016. The rate

v
&

may be some pandemic effects influencing this. Our modelling assumption for the future has the rate
broadly at 2019 levels.

The rate at which people start receiving AS had been in a long-term decline until 2017, after which it rose a
little pre-pandemic, before increasing significantly at the start of the pandemic. Rates have since reverted
back to close to pre-pandemic levels. Our modelling assumptions for the future have rates increasing
through 2023 and 2024, reflecting HYEFU 2022’s forecast increase in the unemployment rate.
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4.1.2  Households moving from the register to public housing

The likelihood of a household on the register being housed depends on the specific circumstances of the
household, relative to other households on the register, and the availability of a suitable public house to
move into. Availability itself is a product of the overall supply of public houses and the rate at which people

exit public housing. %
In Figure 4.3, we show the proportion of register households being housed each quarter. Our modelling \O
assumes growth in public supply in line with the Ministry’s public housing supply pipeline forecast for the

period to June 2027 - see Table 4.1. The planned supply forecast is limited to a three-year period, after t Q—

time the Model assumes no increase in net public housing places. However, it is likely the net public A&/

housing supply will be positive for 2026 and beyond. &

Table 4.1 — Net new public housing supply forecast from 30 Sep 2022

Net new public Q‘v
Year end houses /Q

2022 1,214 (,}

2023 3,786 Ve
2024 1,727 %
O

2025 65 &‘\,

2026 0

?\
2027 0 Q_Q

Figure 4.3 - Proportion of register households houseg Qquarter
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The decre@oportion of register households housed each quarter is primarily a product of the
increasin rate to the register and decreasing exit rates from public housing. This is also reflected in
official sures recording the time it takes for households on the register to be housed (amongst those
t% housed in a quarter). The median time to house has increased from 50 days in September 2017 to

2
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20

2023
2025
2027
2029
2031

ays in September 2022.

@r modelling assumptions for the future have the proportion of register households being housed

increasing in the near term. This reflects anticipated increases in the stock of public housing over the
period to mid-2024. After which the assumed rate returns to levels consistent with the recent past.

The forecast increases to public housing supply will help alleviate some pressure on the system. However,
any impact on the register size and wait times is unlikely to persist unless one or a combination of the
following occur:

= Public housing supply continues to increase materially beyond 2024
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= Entry rates to the housing register decrease materially
= Exit rates from public housing increase materially.

Note that the modelling can be used to develop detailed supply signals (at Territorial Local
Authority/Auckland Board level and by number of bedrooms) to help inform decisions about the location
and size of new public housing supply. O%

4.1.3  Tenants exiting public housing 6\'

The rate at which tenants move out of public housing reflects, in most cases, movement into the privat Q/
housing market. Tenants moving out also represents an opportunity for a household on the register foi
have their housing need met. Hence, potential unmet need, as reflected by the number of house 0&5 on
the register, is driven by both: &

= The inflow of new households on the register Q_E
= The rate at which tenants move out of from public housing (exit rates).

The increase in the public housing register over the last few years is due to the co ,$&1t10n of increased
entry rates to the public housing register and decreased exit rates from public

In Figure 4.4, we show exit rates for under 65-year-old and over 65- year— imary tenants. This split
reflects the fact that most exits for over 65-year-olds are due to death, h 11sat10n or movement into
some form of aged care, whereas exits for under 65-year-olds tend t riven by other factors.

Figure 4.4 - Quarterly exit rates for primary tenants ? Q
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Exit rates «@ubhc housing have been in a long-term downward trend, though there is some evidence
of stab1 n more recently. The downward trend is partly a compositional effect, caused by a
co atlon of compounding factors:

» creasing levels of IRRS due to rents growing at a faster rate than incomes/benefits. Tenants who
% are further away from being able to afford the private market are less likely to exit.

Q/?: Increasing average age of tenants. All else being equal, older tenants are less likely to exit.

v
&

Increasing average duration in public housing. All else being equal, the longer people have been in
public housing the less likely they are to exit.
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4.2  Future time in public housing

The modelling produces estimates of households’ time in public housing (and on the register) over their
future lifetimes. Each year we recalibrate the Model to:

= Update the modelling population to the estimation date (30 September 2022)

= Update economic and model assumptions.

O%

The updates to the Model assumptions are informed by observed experience, including that illustrated in Q_@

Section 4.1. Generally, more weight is given to recent experience.
Table 4.2 shows estimates of average future years in public housing by high-level housing segments, A
including segments for people not receiving housing supports. 5’{

We show last year’s modelling results for comparison, plus 2019 modelling results as a pre-C -19

baseline.

The updates to the modelling population and the updates to the assumptions impac;c{h&nodelling

results. (/

Table 4.2 - Average estimated future years in public housing by high-level hou% category

Ave. future years in

Average Agc

Segment public housing
2021 2019 2021 2022
Priority A 39. ?\ 39.7 39.6 8.4 9.0 8.4
Priority Band Other . 45.5 45.0 59 6.4 6.1
Sub total Qﬂ, 40.3 40.1 8.0 8.7 8.3
Child in the h hold N/ 345 34.5 343 18.1 20.7 20.7
Less close/ IRRS>§150 0 1 HAchouseno Q’
.. No child in the househol b 442 44 .4 443 16.0 17.7 17.2
IRRS recipients, —
) Child in the househol \ 355 34.7 353 14.4 17.1 17.4
0PI ET L B  Closer / IRRS<$150 o
No child in the h%sehol 45.0 454 442 13.2 15.3 14.9
Sub total By 38.8 389 389 16.8 19.2 18.9
AN
IRRS recipients, ¥
IRRS 65 63.5 64.1 63.7 9.8 10.5 9.9
primary aged >65 /&
PAVAR4
Rest of the Rec 2AS 44.2 43.8 439 2.5 2.6 2.4
. N@el ing AS 46.9 47.6 47.6 0.4 0.4 0.4
population
A St total 46.7 472 472 0.5 0.6 0.6
Total 46.6 47.1 47.0 1.0 1.2 1.2

Note that the average ages are based on all people in public housing aged 16+, not just the primary tenant.

average fut ars on main benefit shown in Table 3.1. And pandemic effects are less obvious. More
specifically®

The changes @ ge estimated future years in public housing are more moderate than the changes in

] register households, average estimated future years in public housing has decreased year-on-year,
e same level as the 2019 modelling rounds. This largely reflects:

— Increasing wait times on the register, reducing the potential future time households can be in a

Qy“ public housing and increasing the likelihood that households exit the register before being housed

NG
&

— Aslight shift in profile of households on the register towards those not currently receiving AS.
These households tend to exit at a faster rate once placed in public housing.

=  For IRRS recipients with primary tenants under the age of 65, average estimated future years in public
housing is materially the same as the 2021 modelling round. This is above pre-pandemic 2019
baselines reflecting the long-term trend of declining exit rates.
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= For IRRS recipients with primary tenant over the age of 65, average estimated future years in public
housing reduced moderately year-on-year, to broadly the same level as the 2019 modelling round. The
decrease from 2021 to 2022 reflects updates to the model of mortality for over 65-year-olds to better
reflect more recent data. This has resulted in a higher estimated mortality rate for these tenants.

Year-on-year change in estimated future years in public housing is analysed and reconciled in Section 4.3. S
4.2.1  Distribution of estimated future outcomes %\O
Figure 4.5 shows the same modelling results as Table 4.2 in graphical form. Q'
Interquartile ranges and median averages are shown. 2021 and 2019 modelling results are also shown{&

comparison.

The interquartile ranges give a good indication of the range of average future years in public ing for

different categories. For example, for the ‘Under 65, IRRS >$150, Child in House’ category;25% are
estimated to spend less than 5.75 years in public housing and 25% are estimated to spen@) e than 33.0
years in public housing. &/

Figure 4.5 - Average future years in public housing by high-level housing categé/
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Similar t %on 3.4 for the benefit system, we have broken down the year-on-year change between 2021
and 20 delling results into contributing factors.

I e 4.6, we show a system view. It considers average future years in public housing for the
ation of people in public housing or on the register at 30 September.

v
&
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Figure 4.6 — 2021/2022 analysis of change — All people in public housing or on the register at 30 September
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Overall, there has been a moderate decrease in the&yerage estimated future years in public housing, from
17.4 years at 30 September 2021 to 17.0 yearﬁfgy September 2022.

The key steps of the analysis to highligh %

= Roll forward +0.4 years - We anﬁ}ated an increase (‘Roll forward’ step) due to expected
continuation in the long-ter s such as increased average tenant age. We also anticipated an
increase in the proportion nants who are on a main benefit. Main benefit clients tend to stay in
public housing longer other tenants on average.

= Update client coho .5 years - However, the anticipated increase in proportion of tenants who are
on a main benefit é&not occur. Also, incomes grew faster than rents, resulting in slightly lower IRRS
levels. All els ng equal, lower IRRS households tend to stay in public housing for less time than

s. Income growth among households in public housing mainly reflects increases in

payment levels (both indexation increases and ad hoc increases). This largely cancelled

oll forward’ step.

. ognition of experience -0.4 years — The mortality modelling was updated, resulting in higher
@ med mortality rates among over-65-year-old tenants. Also, among households on the register,
verage estimated future years in public housing reduced slightly due to longer wait times on the
v register. Longer wait times reduces the potential future time households can be in public housing and
Q/ increases the likelihood that households leave the register before being housed in a public house.
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5 Regional results — Canterbury

Key points from this section

= Differences in estimates of future benefit receipt by region can be largely explained by the differences Os

in ethnicity mix - When we control for ethnicity mix, differences between regions are very small. \
= This somewhat dispels the myth that regional factors (particularly differences in regional labour Q_
markets) explain differences in the time people spend on main benefit. Q/

understanding the factors correlated with ethnicity that do, could have significant operatio

= This does not mean that a person’s ethnicity explicitly drives their benefit outcomes. However A
implications. ?

D

In this section, we explore modelling results at a regional level. We show results for Car@ury clients
with comparisons to clients in the rest of New Zealand and clients in the rest of the ﬁQﬁ'h sland.

Equivalent results are available for other regions. (
By exploring results by region, we draw out specific regional insights that may seful for regional
management.

O
51 Client profile &\'
In Figure 5.1, we show how Canterbury clients compare to t&-%of New Zealand and the rest of the
South Island. We compare:
= Demographics - Gender, age and total ethnicity QO
=  Number of priority groups ®
=  Proportion of the working-age benefit o@gh main benefit.

Canterbury clients represent about 10% %e total main benefit population. They have a similar gender
and age-band mix to the comparison (-fpg However, total ethnicity is significantly more weighted to NZ
Europeans and away from other e ities (most notably Maori and Pacific Peoples) than the rest of New
Zealand (specifically the North ). 81% of Canterbury clients identify as NZ European and 26%
identify as Maori. Compare@ rest of New Zealand of whom 57% identify as NZ European and 45%

identify as Maori. \z\
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Figure 5.1 - Canterbury profile AQ/
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MSD’s priority groups as set out in the Ministry’s Employment and Social Outcomes Investment Strategy
2022 to 20254 They are:

=  Women

= Maori

=  Pacific people O$
=  Young clients (aged under 25) %\

= QOlder clients (aged 50-65 or aged 45-65 for JS-HCD) Q/Q-

= Disabled clients (notionally defined as all JS-HCD and SLP clients). A

clients in the rest of New Zealand. 42% belong to O or 1 priority group, compared to 35% for t t of

New Zealand. Q—

Canterbury also has a much lower proportion of the working-age population on ]S—,VRQ ,and SPS than the

As a consequence of the ethnic mix, Canterbury clients belong to fewer priority groups on av@an

rest of New Zealand: (/
Table 5.1 - Proportion of working age population on benefit ?‘
Benefit category Canterbury Restof NZ OE

JS-WR 2.3% 3.7% &\

JS-HCD 2.0% 2.0% @
- .0% .0% Q_
SPS 2.0% 2.9% QO

SLP-HCD 2.6% 2.1% '\s

Labour market factors may explain some o 1fferences particularly for JS-WR. Historically,
Canterbury, and the rest of the South Isldndhas had a lower unemployment rate than the North Island.
Although at the modelling date, Can @g‘és unemployment rate (3.2%) was not materially different to
the national unemployment rate (

The relatively high proportion @e Canterbury working-age population on SLP-HCD is noteworthy. At
2.6%. Consequently, 29% terbury’s main benefit clients are on SLP-HCD, whereas only 19% of main
benefit clients in the re ew Zealand are on SLP-HCD.

represented am clients than other main benefit categories, and a much lower proportion of people

Differences in ethni¢ mix'at least partly explain this. People who identify as Maori are far less over-
in Canterbur@élty as Maori.

5 2 \how estimated future time on main benefit compares regionally

I re 5.2, we show how average estimated proportion of the next 10 years (or to age 65 if earlier) on a
in benefit differs for Canterbury compared to the rest of New Zealand and the rest of the South Island.
here is relatively little difference between the groups on this measure. And the differences that do exist
Q/ largely disappear if we control for differences in age, gender, and ethnic mix.

Q/ Indeed, while equivalent charts for other regions are not shown in this report, they show a similar picture.
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Figure 5.2 — Average estimated proportion of the next 10 years (or to age 65 if earlier) on a main benefit —
by main benefit category (comparison groups are not demographically standardised)
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Figure 5.3 shows the distribution of estimated proportion of the next 10 years (% age 65 if earlier) on a
main benefit for Canterbury. It shows that differences in the average (as s$1 in Figure 5.2) are mainly
due to differences at the extreme ends of the distribution i.e. a higher ion of Canterbury JS-WR
clients estimated to spend less than 10% of the next 10 years on am 2%@ efit, and a lower proportion
estimated to spend more than 90% of the next 10 years on a main it.

Figure 5.3 - Distribution of estimated proportion of the nex @ ars (or to age 65 if earlier) on a main
benefit — JS-WR clients
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While re differences in the estimated proportion of the next 10 years on a main benefit are relatively

small, differences in the estimated number of future years on a main benefit over clients’ lifetimes to age

65 ore significant. This stems from differences in the total ethnic mix in each region - See Figure 5.4,
shows JS-WR as an example:

& The first chart shows that average estimated future years on main benefit varies significantly by ethnic
Q/ group. Note that geographic profiles vary significantly between ethnic groups.

other ethnic groups. Regional labour markets vary and historically some regions have tended to

:Q/ = The second chart shows that there is relatively little variation by region for Maori. This is true for
consistently have higher unemployment rates than others.

= The third and fourth charts show that across all JS-WR clients, most of the variation by region
disappears when we standardise for ethnicity. That is, differences in geographic profiles by ethnicity
explain the variation by region.
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= This does not mean that a person’s ethnicity explicitly drives their benefit outcomes. Rather, factors
correlated with ethnicity influence benefit outcomes. Understanding these factors could have
significant implications.

Figure 5.4 - Average estimated future years on main benefits to age 65 - JS-WR clients S
By total ethnicity Maiori - by region \Q
0 5 10 15 2 Q-:
0 5 10 15 20
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Note: MELAA stands for Middle East n/Q-‘ American/African

We might have expected, r regional differences given differences in regional labour markets.
However, differences b‘@ nic group are more significant and consistent across all regions. It is not clear
why this is the case~Further investigation is warranted, to help inform policy and operational thinking.

of some fact: at are captured in available data e.g. differences in educational attainment. The
modellin, %be used to isolate such factors and estimate how average estimated future years on main
benefit ach ethnicity varies with different factors, while holding other variables in the Model constant.

The answers aﬁ%g y to be complex and multi-faceted, but we can at least isolate and test the significance

o) ctors not currently part of the modelling could also be investigated. For example, clients’
mities to towns and cities (as proxies for labour markets).
5.3

<
N/
&

Risk characteristics among JS-WR clients

In this sub-section we focus on Canterbury clients on JS-WR and the prevalence of risk characteristics that
tend to correlate with future benefit receipt. Table 5.2 lists the risk characteristics and:

= The age range over which we can consider the risk characteristic, based on the available data.
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= Whether the risk characteristic is derived from MSD data or another data source. This is important
because risk characteristics derived from MSD data can easily be used in an operational context.

Table 5.2 — Risk characteristics

Risk characteristic Age range Data source %
Achieved less than National Certificate =~ 16-30 Other '\,O
of Educational Achievement (NCEA) %
Level 2 or equivalent Qg-
Been stood down or suspended while at  16-30 Other A
school &
Received a main benefit in the last three  16-65 MSD Q
years Qy
First received a benefit during teenage 16-42 MSD Q
years &/
Having intergenerational main benefit 16-30 Mé/
history®
Lived in public housing in the last three =~ 16-65 O%SD
years ,&’\'
Having interacted with care and 16-30 v Other
protection services in childhood® ®
Having youth justice history 16-30 OQ Other
Q Other

Being proceeded against by the Policein  16-65
the last three years %

Use of mental health-related supports 16\65 Other
in the last year

Being hospitalised for acute care in &@6-65 Other

last three years

Zero earned income in the qua@o 30 16-65 Other
June 2019 o

N\
We split our analysis i@er 30-year-olds and over 30-year-olds, given that some risk characteristics
aren’t available for over 30-year-olds.

Figure 5.5 show
clients. For e
19.9% for t:
have a sii

istribution of the number of risk characteristics for under 30-year-old JS-WR

e, 25.9% of the Canterbury clients have two or fewer risk characteristics compared to
t of New Zealand. Canterbury clients have fewer risk characteristics on average, though
higher proportion of clients with 9+ risk characteristics (9.8% vs. 9.1%).

> Supported by parent/guardian on main benefit at some point during ages 13-18.

¢ Had a report of concern submitted in respect of them or a higher level of interaction with care and protection
services.
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Figure 5.5 - Number of risk characteristics — under 30-year-old JS-WR clients
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Figure 5.6 shows how estimates of time on main benefit over the next 10 years % with number of risk
characteristics. It shows a clear correlation between the number of risk ch?eristics and estimates of the
proportion of the next 10 years on a main benefit. Clients with more ¢ eeds are estimated to spend
more time supported by a main benefit: &.

= Canterbury clients with no risk characteristics are estimate %verage to spend 20.2% of the next 10
years supported by a main benefit

=  Canterbury clients with 9+ risk characteristics are es@a ed, on average, to spend 77.7% of the next 10
years supported by a main benefit

= These proportions are very similar for the rest‘@w Zealand and the rest of the South Island.

characteristics — under 30-year-old JS-W, nts

90% {<\'
O<<

Figure 5.6 — Average estimated proporticgy\yﬁext 10 years on a main benefit by number of risk
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Q/ Figure 5.7 and Figure 5.8 show equivalent information for over 30-year-old JS-WR clients, with similar
Q_ patterns in terms of the number of risk characteristics and how estimates of future main benefit receipt

vary with the number of risk characteristics.
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Figure 5.7 - Number of risk characteristics — over 30-year-old JS-WR clients
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Figure 5.8 — Average estimated proportion of the next 10 years (or to age 654 eaElier) on a main benefit by
number of risk characteristics - over 30-year-old JS-WR clients
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5.4 Conc@ons and questions

When contr @ or key demographic factors (gender, age and ethnic group), differences in

represen éln the benefit system and estimated of future time on main benefit are relatively small
betweeﬂéions. Arguably this is somewhat surprising given relatively significant differences in regional

lab@narkets.

er investigation may be useful to help understand:

Qyﬁ The inter-relationship between differences in regional labour markets, differences in estimates of

v
&

future benefit receipt and differences in other factors correlated with ethnicity, and hence help
understand the extent to which regional differences drive differences by ethnicity (and/or vice versa).

= How regional client segmentation could help inform which clients (on benefit entry or otherwise)
need the most support to find sustainable employment and obtain financial independence.
Particularly for under 30-year-olds where we have more MSD data on which to base segmentations.
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6 Disabled clients

Key points from this section

=  We have used the Washington Group Short Set disability questions in the 2018 census to determine a
cohort of disabled people among the benefit system population.

= Disabled people are significantly over-represented in the benefit system. About 36% of disabled people
are supported by a main benefit, compared to about 8% of non-disabled people. About 17% of disabléd
people who aren’t on SLP are supported by a main benefit, compared to about 6% of non-disabled
people.

= Disabled people also have moderately higher average estimates of future benefit receipt and ashigher
prevalence of risk characteristics - this reflects a higher prevalence of other risk charagteristics (such
as low educational attainment) among disabled people.

=  Only about 33% of SLP-HCD clients are disabled. Note that the eligibility criterid\for SLP have
conceptual similarities to the disability definition we have used.

Disabled people are one of the Ministry’s priority groups. However, identifyisig which clients are disabled
is not straightforward given:

= Differing ways in which disablement can be defined

= Limited information on client disablement beyond what affeets entitlement for JS-HCD, SLP and
Disability Allowance.

As part of the modelling this year, we have linked the clieut population with the 2018 census. The census
asks a set of six questions referred as the Washington‘Group Short Set (WGSS) Questions’. The questions
ask about difficulties people may have doing certain activities — see Table 6.1. These questions, or an
extended version of them, are sometimes usedsas the basis for determining a cohort of disabled people.
Indeed, the Washington Group Extended Set\Questions is being used to screen respondents for the 2023
Disability Survey. Specifically, a person is"defined as being disabled if they answer ‘a lot of difficulty’ or
‘cannot do at all’ to at least one of the, questions.

Table 6.1 - Washington Group S$heft Set Questions

This question is about Séeing, even if wearing glasses? Response options:
difficulties you may

have doing certain Hearing, even if using a hearing aid? No difficulty
activities becauséofa Some difficulty
health problem: Walking or climbing steps? A lot of difficulty
D? you hayedifficulty Remembering or concentrating? Cannot do at all
with any of'the

following:

Washing all over or dressing?

Communicating using your usual language, for
example understanding or being understood by
others?

For the purposes of our analysis, we have defined a person as disabled if they answer ‘a lot of difficulty’ or
‘cannot do at all’ to at least one of the WGSS questions. This approach has noted limitations:

7 https://www.washingtongroup-disability.com/question-sets/wg-short-set-on-functioning-wg-ss/
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= The questions don’t capture important concepts such as the age of onset, cause and permanency of
disablement, use and impact of assistive devices, or the nature of environmental barriers.

= The questions are limited in picking up people with psychosocial, intellectual or neurodevelopmental
disabilities.

= They reflect difficulties people may have doing certain activities at the time of the 2018 census.
People’s responses to these questions may change over time and so:

— Some people defined as disabled on this basis may not be defined as disabled if they were asked the
questions today.

— Some people not defined as disabled on this basis may be defined as disabled if they were askédsthe
questions today.

Note that the WGSS questions were asked as part of the 2023 census, but these data are ndtavailable in
the IDI yet.

= Many current clients either:

— Didn’t respond to the 2018 census out of choice or because they were notfpresént in the country on
the day of the census

— Responded to the 2018 census, but did not respond to the WGSS gftestions
Undoubtedly, there will be some bias present in our analysis due t6, this.

Despite these limitations, the analysis provides a reasonable basisfer considering disablement amongst
the benefit system population.
6.1 Population statistics

First, we describe the proportion of 30 September2022 population who responded to the WGGS questions
in the 2018 census - see Table 6.2.

Table 6.2 - Population coverage

Proportion of 30 Number of
September 2022 those who Proportion of those Number of those
population whe answered the who answered the =~ who answered
answered¢he WGSS WGSS 2018 WGSS 2018 census  the WGSS 2018
Benefit 2018 cefisus census questions who are  census questions
category questions questions disabled who are disabled
JS-WR 48% 53,700 6% 3,300
SPS 53% 40,000 6% 2,300
JS<HGD 57% 43,400 12% 5,200
SLP-HCD 67% 65,000 33% 21,400
SLP-Carers 64% 5,900 9% 500
Total main 56% 208,100 16% 32,700
benefit
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Proportion of 30 Number of
September 2022 those who Proportion of those Number of those
population who answered the who answered the = who answered
answered the WGSS WGSS 2018 WGSS 2018 census  the WGSS 2018
Benefit 2018 census census questions who are  census questions
category questions questions disabled who are disabled
Rest of 16-65- 70% 2,060,800 2.8% 57,100
year-old
population
Total 16-65- 68% 2,268,900 4.0% 90,000
year-old
population

Overall, 56% of the main benefit population at 30 September 2022 answered the WGSS Questions in the
2018 census (compared to 70% of the rest of the 16-65-year-old population). Noté that 84% of the main
benefit population responded to the 2018 census to some degree. So, 28% respoiided to some of the census,
but didn’t answer the WGSS questions.

56% represents about 208,100 people. Of these people, 16% fit the definition of disabled. This compares to
2.8% for the rest of the population. While a large difference here is eXpested, given that JS-HCD and SLP
eligibility reflects health conditions and disabilities, it is notewortliy-that only 33% of SLP clients who
answered the WGSS 2018 census questions are disabled. Thereaitay be good reasons for this. For example,
SLP clients who have difficulties with the activities covered®y.the WGSS questions may have been less
able/inclined to respond to the 2018 census (and so would be underrepresented). Regardless, we might
have expected this proportion to be higher, and thinkhis is worthy of further exploration, because:

= To be eligible for SLP, you must be either:

— Permanently and severely restricted ¢n yotir ability to work because of a health condition, injury or
disability, or;

— Totally blind.

Conceptually, this eligibility requitement has a large degree of overlap with the WGSS questions, if you
assume ability to work is at least partly based on core physical and mental abilities i.e. to see, hear,
remember, communicatg’etc.

= SLP is the largest pfain,benefit category and very few SLP clients exit benefit into employment.

We also note that thére are a reasonable number of people in work-obligated benefit categories who are
disabled - about'é%,for both JS-WR and SPS. This is important as it highlights potential barriers to
employment that won’t necessarily be the focus of employment assistance programmes targeted at JS-WR
and SPS clients.

642 Overrepresentation in the benefit system

Disabled people are over-represented in the benefit system. Disablement can be a fundamental barrier to
employment and specific benefits are designed to support disabled people. However, disabled people are
over-represented across all benefit categories.

Figure 6.1 shows the proportion of disabled and non-disabled people (who answered the WGSS 2018
census questions) who receive each main benefit type. Overall, 36.4% of disabled people are on a main
benefit, compared to 8.0% of non-disabled people (4.5x). SLP clients account for a large part of this.
However, even if we exclude SLP, 16.5% of disabled people who aren’t on SLP are on other main benefits,
compared to about 6.2% of non-disabled people.
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Overrepresentation is common across all benefit categories, including work-obligated benefit categories
(1.6x for JS-WR and 1.5x for SPS).

Figure 6.1 — Proportion of working-age population receiving a main benefit
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Disabled clients are also estimated to spend more future years on rry% nefit than non-disabled clients —
see Figure 6.2. While the differences are not large, they are consis cross benefit categories. Note that
the non-disabled comparison group has been standardised to ographically equivalent (in terms of

age, gender and prioritised ethnic group) to the disabled gr his enables a more meaningful
comparison, as it helps to controls for differences beth@ﬁ two groups that correlate with demographic
factors.

Figure 6.2 - Average estimated proportion of the r’}vt 10 years on a main benefit
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igure 6.3 shows the distribution around the averages in Figure 6.2 for JS-WR. It highlights the difference
Q/ in the average estimated proportion of the next 10 years on a main benefit (62.1% vs. 55.1%) predominantly

0’ stems from:

A higher proportion of clients estimated to spend 80% or more of the next 10 years a on main benefit
(41.2% vs. 33.8%), and;

= Alower proportion of clients estimated to spend less than 20% of the next 10 years on a main benefit
(18.5% vs. 25.5%).
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Figure 6.3 - Distribution of estimated proportion of the next 10 years on main benefit — JS-WR clients
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The differences in estimates are largely driven by differences in the preva @ of the risk characteristics
listed in Table 5.2. Disabled clients are more likely to have a high num risk characteristics, suggesting
a greater complexity of circumstances than non-disabled clients (w h'may or may not be connected to
their disabilities). As an example, Figure 6.4 shows the number characteristics for disabled and
non-disabled under 30-year-old JS-WR clients. About 31.7% oés sabled clients have 7 or more risk
characteristics, compared to about 21.0% for the non- dlsab ients.

Figure 6.4 — Number of risk characteristics - under 3Q%yeat- old JS-WR clients
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é/ Conclusions and questions

Cross-referencing the benefit system population with people who responded to the 2018 census WGSS
questions yields some noteworthy insights. These invite a number of questions which require further
investigation to help understand operational and policy implications:
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2%
0%

Proportion of cohort

= Why do so few SLP clients fit the definition of disabled used in the census, given the apparent overlap
with SLP eligibility criteria?

=  How much impact does the time gap since the 2018 census have on this and how much does the
picture change if we repeat the analysis on the 2018 main benefit population?
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= How do SLP clients who do and don’t fit the definition of disabled differ, and does this have any
implications for how they are managed?

= Isthe extent to which disabled people are over-represented in the benefit system reasonable, including
in work-obligated benefit categories?

= To what extent are disabilities for clients receiving work-obligated benefits acting as a barrier to %
employment? Are there specific interventions that could address these barriers? O
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7 Future time in employment

Key points from this section

= Viewing modelling results through the lens of employment is aligned to the ministry’s strategy and
operational focus. It can be used to:

— Provide a baseline to monitor future experience against and identify trends early
— Describe how changes in experience affects our estimates of the future
— Identify cohorts likely to experience poor future employment outcomes

— Highlight the risk and resilience factors correlated with good or bad employment outgomes, to
help inform intervention strategies.

= We have also used it to segment clients based on estimates of the proportion of the next 10 years spent
in employment. This can be used as a basis for triaging clients for further analysis, Case management
and/or employment assistance programmes, particularly if based on variable§ present in MSD data.

=  For example, among YP and JS-WR clients under the age of 25, female clients who first received a
benefit during their teens and who were supported by benefits as a ¢hildistand out as having poor
employment prospects.

In Section 3, we explored modelling results framed around estimated future time on main benefits. In this
section we explore an alternative framing using estimated.fugtire time in employment. This brings a
slightly different lens to the modelling, focussing less explicitly on the need for financial support, and
more explicitly on employment outcomes. While the twe concepts are clearly related, a modelling focus on
future time in employment has several advantages?

= Alignment with the Ministry’s core operational focus and intent to achieve sustainable employment
for groups that experience poor labourimgrket outcomes

=  We model related employment factorsyincome and industry, which can be used to provide a more in-
depth picture of off-benefit pathways and provide a direct link to material wellbeing

= Itislikely to be seen as less stigmatising of clients

= It can provide an econgidichuman capital lens including GDP, tax receipt and conceptual linkage to
the Living Standards Eramework.

We use an income-based proxy for employment. Specifically, a person is defined as being in part-time

employment in a/quarter if they earn the equivalent of 13 weeks at between 20-40 hours per week at
minimum wage.\Bdsed on the minimum wage in force at the modelling projection date (30 September

2022), thisds-$5;512-$11,024. Note that the minimum wage increased from $21.20 to $22.70 on 1 April
2023.

A pérson is defined as being in full-time employment in a quarter if they earn more than the equivalent of

13veeks at 40 hours per week at minimum wage.

We discuss:
= Employment exits from main benefit over the last 10 years and estimates for the next 10 years.
= Distributions of the proportion of the next 10 years that clients are estimated to be in employment.

= For YP and JS-WR clients under the age of 25, the characteristics that define clients who are estimated
to spend a high or low proportion of the next 10 years in employment. This includes characteristics
based on MSD data that can be accessed outside of the IDI and wider social sector characteristics that
can be accessed in the IDI.
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7.1 Employment exits

The Ministry produces and publishes regular research on what happens to people who leave the benefit

system®. This research uses an explicit definition for an employment exit which, as far as possible, we have

replicated within the Model construct - Appendix A. Using this, we show by high-level benefit category,

employment exit rates from main benefit in Figure 7.1. For comparison, we show total exit rates and the O$
&

actual and forecast unemployment rate.
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Figure 7.1 - Quarterly exit rates to employment from main benefit
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The employme rates:

= Follow @ similar trajectory to the total rates for these main benefit categories. Employment exits

repre bout:
052,-65% of total exits for JS-WR
50%-60% of total exits for JS-HCD
% - 50%-70% of total exits for SPS.

\g/ = Are estimated to vary significantly over the next few years, particularly for JS-WR. This reflects

varying labour market conditions represented by HYEFU 22. JS-WR rates are estimated to reduce
from just below 10% in mid-2022 to a low of about 6.5% by mid-2024, before returning to 9% by mid-

8 https://msd.govt.nz/about-msd-and-our-work/publications-resources/research/benefit-system/what-
happened-to-people-who-left-the-benefit-system.html
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2025 (and a long-term assumed average of about 8% thereafter). The temporary 9% peak stems from
the large estimated influx of clients during the forecast increase in unemployment rate, quickly exiting
the system as the forecast rate decreases i.e. we should expect to see a spike in the exit rate (and more
so the number of exits) as the unemployment rate falls from a high peak.

7.2 How future time in employment varies for main benefit clients

The ministry’s Employment and Social Outcomes Investment Strategy® seeks to achieve sustainable
employment and improve equity for groups that consistently experience poor labour market outcomes.Zo
understand the status quo in this regard, and provide a baseline against which to measure ongoing change;
it is useful to look at how estimates of future time in employment vary for main benefit clients.

Figure 7.2 shows the average estimated proportion of time in part-time and full-time employmefit over the
next 10 years, by benefit category. For example, JS-WR clients are estimated to spend, on average, about
23% of the next 10 years in full-time employment and 13% of the next 10 years in part-timie\employment
(and hence 36% of the time in full- or part-time employment).

Figure 7.2 — Average estimated proportion of the next 10 years in employment
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The differences between main bengfit clients and non-beneficiaries (and clients receiving supplementary
benefits only) are relatively large.Non-beneficiaries are estimated to spend the vast majority of the next 10
years in employment, and a'wiuch higher proportion of their time in employment in full-time employment.

Compare this with SP$*¢liénts, say, who are estimated to spend on average 28% of next 10 years in
employment, of which nearly half is estimated to be part-time. Figure 7.3 shows the distribution of the
full-time measug€£0r SPS clients. Nearly 50% of SPS clients are estimated to spend no time in full-time
employment @Vér the next 10 years. And only 11% are estimated to spend more than 50% of the next 10
years in full=tinYe employment. It’s subjective as to whether these differences are in line with expectations
or not. Regardless, if improving employment prospects and earnings potential is a goal, they provide a
baseline against which to monitor future experience as they can be updated annually to reflect the latest
experience.

Arglear understanding of what limits SPS clients’ employment and earnings potential would be
operationally useful. The modelling can help with this, as it allows us to characterise clients with relatively
poor (or relatively good) employment and earnings prospects and quantify the impact these characteristics
have on our estimates of future employment.

° https://www.msd.govt.nz/documents/about-msd-and-our-work/publications-
resources/evaluation/investment-approach/investment-strategy-2022-to-2025.pdf
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Figure 7.3 - Distribution of estimated proportion of the next 10 years in full-time employment — SPS
clients
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All of the results in this report expressed in terms of future time on main benefit} can also be expressed in
terms of future time in employment. We think this is a good basis for expressing modelling results and
tracking change in the system, because it avoids any negative connotations’of using future time on main
benefit and the potential for that to stigmatise clients. Also, it can b€'used to:

= Provide a baseline to monitor future experience against and\identify trends early
= Describe how changes in experience affects our estimates of the future
= Identify cohorts likely to experience poor future efyployment outcomes

= Highlight the risk and resilience factors correlated with good or bad employment outcomes, to help
inform intervention strategies.

7.3 Young work-obligated ‘clients

Youth clients are one of the ministiy’s'priority groups. In this sub-section we focus on YP and JS-WR
clients under age 25, being a cle@arly defined group of young work-capable clients. The group contains
about 28,000 people, or abofit 5% of all people in that age range. We highlight the characteristics that
define the subsets of this\poptflation that have relatively poor and relatively good employment and
earnings prospects ovénthe next 10 years.

Figure 7.4 shows the'distribution of the estimated proportion of the next 10 years in full-time employment
for YP and JS-WRclients under age 25 i.e. equivalent information to Figure 7.3. Over 50% of these clients
are estimated toSpend less than 20% of the next 10 years in full-time employment. Or put another way,
over 50%‘are,estimated at least 8 of the next 10 years not in full-time employment.
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Figure 7.4 - Distribution of estimated proportion of the next 10 years in full-time employment - YP and
JS-WR clients under age 25
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Figure 7.5 characterises the differences between the bottom and top fi t@%e cohort in respect of
estimated proportion of the next 10 years in full-time employment. ,ﬁ sub-cohorts are highlighted in

Figure 7.4 by the dark (bottom fifth) and light (top fifth) overlays.

ee notable differences in respect of:

Gender - 59% of the bottom group are female, compare @% for the top group. Young females have
a much higher likelihood of becoming a sole parent t ng males. This explains most of the

difference. %

NCEA level 2 attainment - 65% of the bottom @p ave not attained NCEA level 2, compared to 29%
for the top group. This almost certainly limits employment opportunities. It would also be useful to
ascertain whether those who haven’t attai \leCEA level 2 spend more of the next 10 years in
education than other clients and herﬁ time to be full-time employed.

Intergenerational benefit receipt of the bottom group were supported during their teenage years
by parents/caregivers on bene% ompared to 47% for top group.

Care and protection service©7 % of the bottom group have interacted with care and protection
services during their childhood, compared to 40% for the top group. The age remit of care and
protection services sociated transition services) overlaps significantly with this cohort. It would
be useful to undeéég the extent to which clients are currently interacting with both systems.

h-related supports — 24% of the bottom group have accessed mental health-related
ast year, compared with 11% for the top group. Note that the definition of mental

d supports used here includes people who are not in the care of specialist mental health
ut are accessing prescribed pharmaceuticals.

supports i
health—
servi

Thi@ints a relatively complex picture of young clients’ circumstances. Particularly for the bottom group,

Q/?‘

v
&

e much more likely to have any individual risk characteristics present, and much more likely to have
i

@l:f ple risk characteristics with complex underlying drivers.
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Figure 7.5 - Prevalence of characteristics
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From an operational perspective, knowing who these %nts are, particularly when they first apply for a
main benefit, is the first step to being able to addr %me of their complex needs. A client segmentation
is a useful tool for this purpose, as it can be used as a basis for triaging clients for further analysis, case
management and/or employment assistang?a rammes.

As an illustration, we have developed tw0 segmentation options for this cohort based on estimated
proportions of the next 10 years in e% ment. The first option (Table 7.1) includes only variables
captured in MSD data. Hence, it iﬁ ationally viable now. The second option (Table 7.2) adds an
additional social sector variable@: A level 2 attainment) that improves the segmentation. With the
obvious limitation that MS es not currently have direct access to these educational data, and so the
segmentation is not CLLI{ perationally viable.

Table 7.1 - Segmenat_ion option 1 - YP and JS-WR clients under age 25

Py
A . %ofnext 10 years in employment
Cohort segmentation %cohort - N
\O Full-time Part or Full-time
N First received benefit during teens E
, . Age>=20 | -
Intergénerational benefit history First received benefit aged >= 20 . 26.7% 43.5%
Age <20 X
Female - - -
Age >=20 ‘Flrst received benefit during teens
Nointergenerational benefit history g ‘First received benefit aged >=20
Q P Age <20
N Age >=20 First received benefit during teens
o >=
o Intergenerational benefit history 8 First received benefit aged >= 20
I Age <20
Male - - -
Age >=20 First received benefit during teens
V No intergenerational benefit history s First received benefit aged >= 20
% Age <20
Q— Total
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Table 7.2 — Segmentation option 2 - YP and JS-WR clients under age 25

. %ofnext 10 years in employment
Cohort segmentation %cohort : o
Full-time Part or Full-time
EA<L2
First received benefit during teens NC
NCEA>=12
Age>=20
. . . . NCEA<L2
Intergenerational benefit history First received benefit aged >=20
NCEA>=12
EA<L2
Age <20 NCEA < O
Female NCEA>=12 E 20.5% 38.1%
. . . NCEA <12 2.5%) 16.7% 31.9% \
First received benefit during teens 5 = 5
Age >=20 NCEA>=12 3.8%| 28.9% 47.6%
EA<L2 1.09 .09 .89
No intergenerational benefit history First received benefit aged >=20 NE . 0% 2000 ut0:8% Vi
NCEA>= L2 5.1%) 39.2% 57.1% |
Age <20 NCEA <12 2.0%) 17.6% 343% \ WV
& NCEA =12 34% 28.1% 476% N
NCEA <L2 12.49 19.09 .
First received benefit during teens C 5 S & ‘
Age >=20 NCEA >=12 6.1% 32.3% L 46.6%
Intergenerational benefit history First received benefit aged >= 20 NCEA <12 26% 25.0% N\”‘g%
NCEA>= L2 3.2%) 42.1% 4 Y 365% \
Age <20 NCEA<L2 6.6%) 20.2% e’ 333% \
Male ¢ NCEA>=12 30% 320% £ N\ 48.2%
First ived benefit during NCEA <L2 3.3% 27.5% 40.8%
J— irst received benefit during teens NCEAS=I2 M%I 55.5% ‘
NCEA <L2 35. 48.8%
No intergenerational benefit history First received benefit aged >=20 x 2
NCEA>=12
EA<L2 . f .29
Age <20 NCEA < 45.2%
NCEA >=12 2.6%) 40.4% 57.0% ‘
Total 1% 26.8% 41.9%
N\

As an example, and using segmentation option 1, you might focus
include about 7,200 clients who:

Of{k ments shaded in red. They
= Arefemale

= Have intergenerational benefit history

= First received a benefit during their teens.

Note that sole parents are disproportionately fem
between females and males shown in Table 7.1,and

d this likely explains some of the differences
able 7.2.

Further analysis might be warranted to u eyc?md barriers or enablers of employment for these
segments, to help inform operational responses, including:

=  Prior work history, including i &st
=  Familial factors including p@1 ring and children

= Interactions with the j system including criminal convictions

*= Educationaland t g history

t describe those in these segments that do spend a high proportion of time in full-

The cohor us, the measure on which the segmentation is based, and the variables used to the
segment atre‘all things that can be changed and experimented with. The approach can be applied to any
priority group or cohort of interest.

o

Conclusions and questions

Q/ Future time in employment provides an alternative measure to future time on benefit and is aligned to the

Ministry’s employment focus. Arguably it provides a more direct connection to the Ministry’s operational
intent (i.e. to support into employment rather than manage off of benefit), particularly for work-obligated
benefit categories.

As for any output of the model, it can be used for as the basis of client segmentation, to identify clients
with relatively good and bad outcomes.
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The analysis underpinning this Section has raised questions which would require further investigation to
address:

=  Specifically what limits SPS clients’ full-time employment prospects and what policy and intervention
options may align with addressing this?

= Should the modelled estimates of future employment be used as a basis for monitoring experience S
against? O

= What other factors reflect barriers or enablers of employment for segments with poor employment %
prospects e.g. prior work history? AQ/Q

Alternative future income measure &

Another alternative measure for framing modelling results would be to consider future income.including
transfer payments. For example, future years receiving income under (or over) a thresholdglg s would
focus on financial capacity as a proxy for material wellbeing. A living wage-based thresl@ ould be
conceptually useful e.g. the equivalent of 40 hours at the living wage (currently $26 &ho r or $54,080
annually). The living wage is an income level that hypothetically allows individuals or*families to afford
adequate shelter, food, and other necessities. Its goal is to allow employees to eéﬁough income for a
satisfactory standard of living and prevent them from falling into poverty. S
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Glossary

The following table gives definitions for common acronyms used in this report.

Table A.1 Terms and definitions O$

Term

AS
DA

Earned income

Employment exit

GFC

HCD Q&
Q%

HYEFUO$

RS

\g/ Income threshold

Definition %\
Q.

Accommodation Supplement (and related assistance) AQ/

Disability Allowance Q&
Taxable income earned from: ?*

— Wages & Salaries Qz

: /

— ACC weekly compensation &

— Student Allowance ?g/

- Withholding payments %

— Paid parental leave O

— Self-employed, partnership and ¢ ny income

An exit from main benefit in quarte s defined as an employment exit if:
= They receive a main benefit @ e point in Q(0)
= They do not receive a %enefit inQ@)

= Their income in Q(1) @reater than or equal to the equivalent of 13 weeks of
20 hours at mini age

= Theydo note%hed age 65in Q(1)
* Theyd %die in Q(1)

= Th ot move from a state of being not enrolled in education in Q(-1) to

@1 nrolled in education in Q(0) and/or Q(1).

,ngXl Financial Crisis

Health condition, disability (sub-set of both Jobseeker Support clients with
reduced work obligations and Supported Living Payment clients)

Half-year Economic and Fiscal Update
Integrated Data Infrastructure — research database containing microdata about
people and households from a range of government agencies, surveys and non-

government organisations

Income in a quarter equivalent to the minimum wage for 40 hours per week

IRRS Income Related Rent Subsidy - a top-up payment to housing providers to bridge
the difference between the income-related rent a client pays and the full rent for
a public house
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Term Definition

JS Jobseeker Support — benefit type introduced in 2013 (replacing the
unemployment benefit and sickness benefit, and partially replacing the Domestic
Purposes Benefit)

MELAA Middle Eastern, Latin American, or African

Mental health- Mental health and addiction service events as defined by the Social Wellbelng

related supports

MSD
NCEA

NOMB

PH
Police proceeding

Prioritised
ethnicity

Recent exit

SLP

SPS

Tenant

Q/WR

(</\/

YPP

Foaa

Q!- Clients are sometimes referred to as tenants where they reside in a property

&
™
6; ucation
3

Agency. Source code for the definition is available at

il ) 'mha d Jefinition.
On advice from the Ministry of Health pharmaceuticals labelled in the‘d&nition

as ‘potential’ have been removed.
Ministry of Social Development
National Certificate of Educational Achievement (/

Not supported by a main benefit but still receiving

Q_
O

supplementary benefits and/or Orphan’s BeneﬁO

Public housing

Y

An event on which police initiate a @ tion against a person

Ethnicity based on the Stats N
person is indicated as associ
chosen based on the follow

Other, European

A client who is c{}Ytly not receiving a benefit but has one in the last 12 months

A%

ce ranked ethnicity in the IDI. Where a
with multiple ethnicities, a single ethnicity is
priority order: Maori, Pacific Peoples, Asian,

Supporte g Payment benefit type introduced in 2013 (replacing the
1nva11d fit and domestic purposes benefit — care of sick and infirm)

ent Support — benefit type introduced in 2013 (partially replacing the
stic purposes benefit)

managed by Kainga Ora or a Community Housing Provider. We usually refer to

tenants aged 16+.

Education at a tertiary education provider or industry training provider

Washington Group Short Set

Work-ready (sub-set of Jobseeker Support clients with work obligations)

Youth Payment

Young Parent Payment

@9

e benefit system support -
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Appendix B Analysis of change by main benefit category

Figure B.1 — Average estimated future years on main benefit to age 65 — JS-HCD clients at 30 September
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Figure B.2 — Average estimated future years on main égeﬁt to age 65 - SPS clients at 30 September
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Figure B.3 — Average estimated future years on main benefit to age 65 - SLP clients at 30 September
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Appendix C Modelling approach summary

This summary is a copy of Section 2 from the technical report!®. Further detail on the modelling approach
can be found in that report.

We give an overview of the Model in non-technical terms, answering core questions:
= What is the Model?

=  What does the Model do?

= What outcomes does the Model estimate?

= How does the Model work?

=  What does the Model not do?

C.1 What is the Model?

The term ‘model’ is broadly used to describe physical, mathematical and conceptual'models. This model is
a mathematical model. Many definitions of a ‘mathematical model’ centre onthe notion of imitation or
simulation i.e. a model imitates or simulates a real-world situation, often-n‘a simplified way because the
‘situation’ being modelled is complex. In this sense, a model (including,this' one) might be described as a
‘simplification of reality’.

Key aspects of the modelling framework for this project are:

= The population being modelled - In this case, New Zealand (NZ) residents aged 16 or older, and
people entering this population over the next ten yeats,

= The future outcomes that are being modelled - SeéSection C.3.

= The time horizon over which the future outcomes are being modelled - In this case, people’s future
lifetime.

= The historical data — Used to understangd’the correlative relationships between variables (or
combinations of variables) and the future outcomes being modelled. Variables may be characteristics
(e.g. demographics), relate to évents (e.g. experience of the modelled outcomes in the past) or be
environmental (e.g. measures of labour market conditions). Understanding the correlative
relationships informs th&construction of the mathematical equations that define the model, and the
parameters for these.equations.

= Assumptions - The Model is underpinned by a range of assumptions which are either implied by the
constructionahd-parameterisation of the mathematical equations, or explicitly made. Explicit
assumptions felate to variables that the Model does not estimate but are built into Model because they
are important for estimating future outcomes, e.g. the future unemployment rate as a measure of
futuréJabour market conditions.

X2 What does the Model do?

Ifi Section C.1 we referred to the Model as an estimation of future outcomes for a defined population (over
16-year-old NZ residents) over a defined time horizon (people’s lifetimes). It does this by estimating
people’s status in relation to these outcomes (and other associated characteristics and outcomes) over each
quarter-year period in the future. This is indicatively shown in Figure C.1 below:

= For one person — a full model run produces estimates for all NZ residents aged 16 and over.

10 Social Outcomes Modelling 2022 - Technical Report
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= Over 14 quarters — a full model run covers all people’s future lifetimes and so runs for about 400
quarters.

= Inrespect of four outcomes - other outcomes are estimated by the model.

Figure C.1 - Estimated pathways S

3 3 8 8 3 5 8 8 3 5 &8 38 3 3 (9\

Welfare b b db dib b diub dab. didb ¢ Q-
Justice LRl elabl Bl Rl LA AR

Income LRl B Bl Bl L s

Housing L_sle [+[e [+[e [+e [+[e [se [s[e |-[e |/

Justice Welfare Housing

A Offence % JS-WR ® Register S $ Earned income

A Custodial sentence % JS-HCD ® In publi g $ Working for families

A Community sentence % SLP ?,?‘% S NZSuper

benefit payments are modelled for those in receipt of ab and income related rent subsidies paid to

Where relevant, estimated cash flows are modelled in relati future estimated outcomes. For example,
public housing providers are modelled for people in p dousing.

In addition to estimating outcomes for the presen@dult population, the Model also estimates
outcomes for those entering the population ov@ ext 10 years. Population entry may happen in two
ways:

= Ageing-in: children are considered &er the adult population in the quarter in which they turn 16.
We use estimated output from t Oranga Tamariki children’s model.

=  Migration: Both children a ults may enter the population via migration (which includes returning
New Zealanders as well as gn nationals).

Once in the population, Q&?es for new entrants are estimated in the same manner as those in the
present population. &

C.3 W tcomes does the Model estimate?

The Mo@mates alarge range of outcomes:
efit receipt — This covers the incidence of benefit receipt and the associated payments. Benefit

. n
@ipt is categorised into main benefit categories and supplementary assistance.

@ Other benefit receipt characteristics — These include, but are not limited to, partnered status,

Qy\ existence and age of children, and incapacity coding for health-related benefits.

v
&

= Public housing - This covers entry to the public housing register and associated prioritisation rating,
movement off the register (either into public housing or otherwise), income related rent subsidy, exit
from public housing, size and location of house allocated, and future dissolution of households
currently in public housing.

= Income - This covers personal income, Working for Families (WFF) tax credits and NZ
superannuation. The primary industry from which personal income is earned is indicated.
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= Justice activity — This covers number and type of offences committed as well as community and
custodial sentences managed by the Department of Corrections.

= Education - This covers secondary and tertiary enrolment in the quarter, secondary attainment, total
days of any suspensions or stand downs at secondary school, highest New Zealand Qualification
Framework (NZQF) level enrolled and attained at tertiary.

= Child and protection (CNP) and Youth Justice (Y]J) - This covers the highest level of either type of
intervention as well as the total number of days spent in placements.

= Health - this covers mental health and addiction pharmaceutical, specialist community and speciali§t
inpatient events, acute hospital discharges and mortality.

= Location - this covers the region/TLA/Auckland board where an individual resides.

Most of these outcomes relate to specific indicators within the interim wellbeing framework usgd*for this
project.

Cc4 How does the Model work?

Figure C.1 highlighted how the Model estimates outcomes at each quarterly tim& step.

Referring to the Model as a ‘model’, implies that it is single model. In factrif¥is made up of over 200
individual models. Each of these individual models plays a specific partin-the overall modelling construct.
Some relate to how a person moves between different outcome statesMrom one quarter to the next e.g.
benefit state. Some relate to the evolution of other modelled outeomés e.g. personal income. Others relate
to cash flows associated with particular outcomes e.g. benefit payment given an individual is estimated to
be receiving a benefit in a quarter.

The vast majority of the models fall into the broad catég6ry known as regression models, which means
they estimate one variable based on other variables.“The remainder of the models are probability table
models that attach probabilities to different outcomes.

The models are pulled together in what we refér-to as the ‘projection code’. Many of the variables that each
individual model relies upon are themselves'modelled variables. For example, the models relating to
transitioning between benefit states fromone quarter to the next depend on, say, corrections activity
variables which, in turn, are updatéd'each quarter. The projection code runs each model in a set sequence
for a future quarter, before moving onto the next quarter and repeating the sequence based on the updated
variables. For this reason, the ovetall modelling construct is sometimes referred to as a ‘chained
regression model’: it chaing,tegether regression models over a series of future time steps (in this case
quarters).

C.5 Whaf¢he Model does not do?

The ModelNsot a causal inference model. By this, we mean that the Model does not attempt to determine
the causal factors relating to different outcomes. Rather, the Model is a predictive model, and thus seeks to
detefmijne factors that are correlated with outcomes. This difference is important. For example, a key
fifiding of previous work is that long-term dependence on welfare is highly correlated with those who first
régeive benefits when under twenty years of age. So, age of first benefit is highly predictive of lengthy
spells supported by benefit. However, it cannot be concluded that this is the cause of these spells.
Nevertheless, knowledge about correlations and relationships between certain characteristics and
outcomes is valuable information for policy and programme design and monitoring.

The Model is based on simulating individual pathways through various welfare and housing states
(including not receiving any benefit/assistance) as well as other characteristics (family information,
education, income, corrections sentences etc) over their lifetimes. There are many possible pathways from
the modelling date to time of death, so the exact pathway is very uncertain. Results for any particular
individual reflect the average for people with similar characteristics and are not intended to be an accurate
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prediction of that individual person’s future pathway. Results, therefore, should be considered for
segments of the population, rather than at an individual level.
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